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Assessing the impact of violent conflict on attitudes toward 
military rule in Nigeria
Daniel Tuki a,b

aInstitute for Sociology, Philipps University of Marburg, Marburg, Germany; bInstitute for African Affairs, 
German Institute for Global and Area Studies, Hamburg, Germany

ABSTRACT
Violent conflict is often assumed to undermine democratic legiti
macy and increase public support for authoritarian alternatives. Yet, 
empirical evidence remains limited, particularly in the context of 
developing democracies. Using the case of Nigeria, Africa’s largest 
democracy, this study examines the effect of violent conflict on 
attitudes toward military rule. It employs an instrumental variable 
strategy that leverages proximity to international borders as 
a source of exogenous variation in conflict exposure. Contrary to 
conventional expectations, findings indicate that individuals 
exposed to higher levels of violence are significantly less likely to 
support military rule. These results are robust to alternative oper
ationalizations of violent conflict. Further analysis reveals that 
reduced support for military rule among individuals exposed to 
violence does not automatically translate into greater support for 
democracy. This study hence contributes to broader debates on 
regime legitimacy and authoritarian attitudes in fragile states.
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Introduction

Insecurity has remained a major challenge in Nigeria over the past two decades. Key 
conflicts affecting the country include the Boko Haram insurgency in the northeast 
(Anugwom 2019; Lenshie et al. 2024; Onuoha 2012), armed banditry in the northwest 
(L. Amadi and Ugwu 2025; Ejiofor 2022; Idris et al. 2024; J. S. Ojo, Oyewole, and Aina 2023), 
recurring clashes between nomadic herders and sedentary farmers in the Middle Belt 
(Babatunde and Ibnouf 2024; Koopmans, Meierrieks, and Tuki 2026; Olumba 2024; 
Olumba et al. 2022), and the secessionist movement in the Eastern Region (L. A. Amadi, 
Allen, and Mai-Bornu 2023; Lewis 2023; Madueke 2025). Data from Round 10 of the 
Afrobarometer survey, conducted in 2024, highlights these concerns: some 63% of 
Nigerians felt unsafe in their neighborhood at least once or twice during the past year. 
Furthermore, when comparing the current security situation to five years ago, 70% of 
respondents believe the country to have become less safe. Crucially, 82% of Nigerians rate 
the government’s performance on conflict prevention as poor, underscoring a profound 
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lack of public confidence in state-led security (Figure A1 in the Appendix visualizes the 
annual trend of violent conflict in Nigeria between 1997 and 2024).

The prevalence and persistence of violence can foster the perception that democratic 
governments are inherently weak, fueling the belief that military leadership is better 
equipped to tackle security challenges (Bester 2024; Tuki 2024a). Yet, despite Nigeria 
being Africa’s largest democracy and one of its most conflict-affected nations (Institute for 
Economics & Peace 2025), there has been limited work done on how exposure to violence 
shapes attitudes toward alternatives to democratic institutions – specifically, military rule. 
This study addresses that gap using data from Rounds 9 and 10 of the Afrobarometer 
surveys (n = 3,200), as conducted in Nigeria in 2022 and 2024, respectively.

To measure exposure to violent conflict, I employ a spatial approach that matches 
respondents’ geolocations with conflict incidents occurring within a 10-kilometer radius 
of their places of residence. Using QGIS software, I integrate geocoded survey data with 
conflict data from the Armed Conflict Location and Event Data Project (ACLED) (Raleigh 
et al. 2010). Support for military rule is assessed via an Afrobarometer item gauging 
respondents’ approval of military rule as an alternative form of government, measured 
on a five-point Likert scale. The identification strategy employs an instrumental variable 
approach, thereby using the distance from a respondent’s geolocation to the nearest 
international border as an instrument for conflict exposure.

Descriptive analysis shows that most Nigerians oppose military rule: some 71% 
‘Disapprove’ or ‘Strongly disapprove,’ while 23% ‘Approve’ or ‘Strongly approve.’ 
Regression analysis further reveals a negative effect: as exposure to violent conflict 
increases, support for military rule decreases. This finding is robust across alternative 
conflict measures, including data from the Uppsala Conflict Data Program Georeferenced 
Events Dataset (UCDP-GED) (Sundberg and Melander 2013) and the Global Terrorism 
Database (GTD) (National Consortium for the Study of Terrorism and Responses to 
Terrorism 2022). Notably, this result contrasts with recent studies in Mali and Niger (e.g. 
Bester 2024; Tuki 2024a). However, it is important to note that a decrease in support for 
military rule among those exposed to violence does not automatically equate to their 
greater favoring of democracy.

The remainder of this study is structured as follows: The next section reviews the 
literature on attitudes toward military rule and presents the study’s hypotheses. The one 
that follows then introduces the data, operationalizes the variables used in the regression 
models, and discusses the empirical strategy. The next two sections present and discuss 
the regression results. The final one summarizes the key findings and outlines policy 
implications.

Theoretical considerations

Violence not only worsens an individual’s physical and material conditions but also shapes 
their governance preferences accordingly. One pathway by which this occurs is an 
increased desire for strong leadership capable of ensuring law and order. In contexts 
where violence is both prevalent and persistent, individuals experience heightened 
insecurity; this can activate the felt need for order, authority, and protection. Under 
such conditions, civilian government may be perceived as weak or ineffective, leading 
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individuals to long for the strength and discipline commonly associated with military rule 
(Bester 2024).

This pattern contrasts with the ‘rally-round-the-flag’ hypothesis, which posits that 
citizens tend to support incumbent governments more when faced with imminent 
security threats (Baum 2002; Bussmann and Iost 2024; Mueller 1970). In contexts where 
violent conflict is widespread, however, such a state of affairs may become normalized 
(Tuki 2024b), reducing the capacity of violence to generate short-term surges in support 
for civilian authorities. Sustained violence can numb individuals to its continued occur
rence, making them more receptive to alternative regimes – especially when they per
ceive democratic administrations as falling well short when it comes to restoring security.

Evidence for this shift is found in the Republics of Mali and Niger. Tuki (2024a) reveals 
that individuals in high-conflict regions are more likely to support military intervention, 
attributing this to the belief that military governments are better equipped to address 
security challenges. Similarly, Bester (2024) posits that corruption and persistent insecurity 
in Mali have eroded the legitimacy of democratic institutions. As democratic governments 
increasingly rely on the military during times of crisis, the population’s perception of the 
armed forces shifts from a mere defense force to a ‘potential agent of stability, order, and 
governance’ (Bester 2024, 186).

Beyond performance evaluations, insecurity may increase support for military rule 
through socialization. In contexts where violence is widespread and persistent, individuals 
may come to regard coercion as a necessary and legitimate means of resolving political 
problems. Consistent with this logic, research shows that exposure to violent conflict 
predicts both support for interpersonal violence and participation in violent acts (Ekhator- 
Mobayode et al. 2022; Restrepo et al. 2024; Stojetz and Brück 2023). Exposure to violence 
can also facilitate the internalization of authoritarian norms. Canetti et al. (2009), for 
instance, assert that exposure to terrorism in Israel is positively associated with antidemo
cratic attitudes and political extremism, while Dyrstad (2013) portrays how individuals 
living in violence-affected communities in Bosnia-Herzegovina are more likely to adhere 
to authoritarian ideologies. Evidence from the United States similarly suggests that 
citizens become more susceptible to ‘authoritarian thinking’ when confronted with the 
threat of terrorism (Hetherington and Suhay 2011).

Taken together, these arguments suggest that if insecurity heightens threat percep
tions and erodes trust in civilian institutions, then Nigerians’ support for military govern
ment should rise as their exposure to violent conflict intensifies. This leads to the first 
hypothesis:

H1: Exposure to violent conflict increases support for military rule

Conversely, the opposite relationship is also plausible. One mechanism through which 
exposure to violence may reduce support for military rule is overreach by the armed 
forces. Experiences such as personal injury, the loss of loved ones, or displacement can 
generate strong negative associations regarding the actors perceived to be responsible 
for causing said harm. When the military fails in its core responsibility to protect civilians – 
or directly perpetrates violence – it loses credibility and legitimacy accordingly.

In Nigeria, the military has been implicated in several high-profile incidents 
where civilians were targeted (Human Rights Watch 2023; Ogbozor 2025; Okoli, 
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Olaniyan, and Ayegbusi 2024; Oyewole 2021). Such collateral damage has raised 
serious concerns about accountability, prompting scholars to observe that ‘COIN 
[counterinsurgency] operations in Nigeria have been more problematic than suc
cessful. The apparent gains of the operations appeared to have been cancelled out 
by the collateral damages associated with them’ (Okoli, Olaniyan, and Ayegbusi  
2024, 1006). Although the military often characterizes such attacks as accidental, 
their frequency of occurrence has eroded public trust in security institutions and 
weakened civilians’ willingness to cooperate as regards counterterrorism efforts, 
particularly in areas such as intelligence-sharing (Okoli, Olaniyan, and Ayegbusi  
2024). Furthermore, insurgent groups such as Boko Haram often infiltrate civilian 
populations, making it difficult for soldiers to distinguish between combatants and 
noncombatants. This dynamic has led to widespread human rights abuses, further 
damaging public confidence (Amnesty International 2015a, 2015b; Dietrich 2015).

Reactions to violence are also shaped by historical memory. Nigeria has as of 
now spent less time as a democratic polity than it previously did as one under 
military rule. Following independence from British colonial rule in 1960, a military 
officer-led coup overthrew the civilian government in 1966 (Nche, Ugwueze, and 
Ugwu 2023, 4-5). From that point on, Nigeria remained largely under military rule 
through 1999, when the armed forces formally transferred power to a civilian 
administration finally (Ijomah 2000; E. O. Ojo 2009). This era of military rule was 
characterized by violent coups, systemic corruption, and summary executions 
(Brittain 2015; Diamond 1984; Ikpe 2000; Pegg 2015). Given this history, some 
Nigerians today still associate the military with violence and repression rather 
than safety. Consequently, this traumatic legacy may make citizens more receptive 
to the pluralism and inclusion promised by democratic governance as a peaceful 
alternative to force.

Corruption further reinforces these dynamics. Some studies argue that Nigeria’s 
struggle to defeat terrorism is rooted in systemic corruption within political and 
military institutions (Banini 2020; Lenshie et al. 2024; Ogbonaya 2020; J. S. Ojo 
et al. 2020; Oriola 2023). Because the government allocates substantial financial 
resources to counterterrorism activities, a subset of political elites and military 
personnel find opportunities to enrich themselves by diverting funds intended 
for procurement. Consequently, because these actors benefit from persistent 
instability, they lack the incentive to end arising armed conflict. This ‘war economy’ 
results in an ill-equipped military incapable of functioning effectively, allowing 
insecurity to fester. Furthermore, documented collusion between certain military 
personnel and proscribed groups has actively undermined counterterrorism efforts 
(Lenshie et al. 2024; Oriola 2021). Ultimately, this creates a crisis of legitimacy 
whereby victims of violence increasingly blame the military for its failure to 
provide security.

If exposure to violence indeed fosters distrust in the armed forces, military rule may be 
perceived as a continuation of, rather than a solution to, insecurity. This reasoning leads to 
the second hypothesis:

H2: Exposure to violent conflict reduces support for military rule
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Methods

Data

This study relies on data from Rounds 9 and 10 of the Afrobarometer survey conducted in 
Nigeria in 2022 and 2024, respectively.1 Each round consists of 1,600 observations, 
offering a total of 3,200. Notably, the survey covers Nigeria’s 36 states and the Federal 
Capital Territory (Abuja). Because Afrobarometer employs probabilistic sampling, the data 
are representative of Nigeria’s population at large.2 Respondents were at least 18 years 
old, with males and females equally represented in the sample (in a 50:50 ratio).

The survey was implemented by a Nigerian survey company, NOI Polls. Interviews were 
conducted in English as well as local languages such as Pidgin English, Hausa, Igbo, and 
Yoruba, ensuring broad coverage of respondents irrespective of their proficiency in 
Nigeria’s official language (English).

Measures

Dependent variable
The dependent variable—Military rule—captures the extent to which respondents 
endorse governance by the armed forces. It is based on the Afrobarometer survey ques
tion: ‘There are many ways to govern a country. Would you disapprove or approve of the 
following alternatives? The army comes in to govern the country.’ Responses were recorded 
on a five-point ordinal scale, ranging from ‘1 = Strongly disapprove’ to ‘5 = Strongly 
approve.’ Those 25 respondents who refused to answer this question were coded as 
missing, resulting in a slight reduction in the overall sample size. This coding approach 
was consistently applied to all variables derived from the Afrobarometer data. As shown in 
Figure 1, the majority of Nigerians oppose military rule: some 71% either disapprove or 
strongly disapprove thereof, while 23% express approval or strong approval here. An 
additional 6% report a neutral or indifferent stance on this form of governance.
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Figure 1. Nigerians’ attitudes toward military rule. Notes: Authors own compilation based on data 
from Rounds 9 and 10 of the Afrobarometer survey, as conducted in Nigeria in 2022 and 2024 
respectively. The vertical axis represents the varying levels of support for military rule, the horizontal 
axis indicates the percentage of respondents at each level.
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A limitation to this variable is its broad overall nature. Specifically, the survey asks 
respondents about the acceptability of military rule in the abstract, without specifying the 
conditions under which such support might be expressed. For instance, do individuals 
endorse military intervention because they perceive the democratic government to be 
corrupt, or due to the fact they view it as too weak to provide essential security? Similarly, 
support might stem from the government’s failure to address chronic poverty. 
Nonetheless, within the context of this study, support for military rule is analyzed broadly, 
regardless of the underlying motivation. This approach is necessitated by the secondary 
nature of the data; while the preexisting survey structure limits my ability to disaggregate 
specific drivers, the broad measure remains a robust indicator of the military’s overall 
legitimacy in the eyes of Nigerian citizens.

Explanatory variable
The explanatory variable—Conflict—captures the total number of violent incidents that 
occurred within a 10 km radius of respondents’ dwellings between 1997 and a year before 
the respective surveys were conducted (see Figure 2). I chose to measure conflict inci
dents within a small radius to avoid overgeneralization, as conflicts closer to home are 
more likely to have a tangible impact on a person’s sense of safety and well-being. In 
contrast, those farther far away may be too distant to significantly affect respondents’ 
thinking.

Figure 2. Measuring conflict exposure. Notes: The figure displays the geolocations of hypothetical 
respondents, along with a 10 km buffer surrounding their dwellings and the administrative bound
aries of the local government areas (LGAs) (i.e. municipalities) in which they reside. The figure was 
developed by the author using QGIS software.
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However, such an approach does present some limitations. It excludes incidents 
occurring farther away, which might still have broader effects on individuals through 
channels like economic and social ties. For example, the distance between a respondent’s 
dwelling and their workplace might be greater than 10 km, and incidents occurring near 
their workplace could still impact them. Additionally, individuals may have friends and 
family living outside the 10 km radius, and such incidents may affect them indirectly. To 
address these potential limitations, I develop an alternative version of the explanatory 
variable by considering conflict incidents within a 30 km radius of respondents’ dwellings.

The conflict data are sourced from ACLED.3 In this context, ‘violent conflict’ denotes 
incidents classified into one of three categories: battles, violence against civilians, and 
explosions/remote violence. This definition deliberately excludes lower-intensity events 
such as protests, riots, and strategic developments. The period from 1997 to the year 
preceding each survey was selected to capture the cumulative impact of conflict expo
sure. This long-term approach aligns with research suggesting that the effects of violence 
are both persistent and multigenerational (e.g. Barceló 2021; Boggiano 2024; Nunn and 
Wantchekon 2011). Furthermore, measuring conflict over an extended duration reduces 
the likelihood of misclassifying conflict-prone areas as peaceful. For instance, if conflict 
were measured only within a single year (e.g. 2021), households in a buffer zone that 
experienced chronic instability prior to 2021—but no incidents during that specific year – 
would be misleadingly categorized as conflict-free.

Notably, the start year of 1997 reflects the earliest available year of ACLED data, while 
the end years (2021 for the 2022 survey round and 2023 for the 2024 round) were chosen 
to establish a consistent one-year lag. This lag helps mitigate concerns about reverse 
causality between conflict exposure and the primary outcome of interest, support for 
military rule. Measuring conflict exposure using spatial buffers is more effective than 
relying on administrative boundaries, such as LGAs (i.e. municipalities). If I had used the 
latter, for instance, all respondents within a given area would have been assigned the 
same level of conflict exposure – that is, the total number of incidents within that unit. 
This approach would have significantly reduced variation in the explanatory variable, 
limiting its analytical power. Furthermore, administrative boundaries in Nigeria, especially 
at the lower levels, are often poorly defined, making them a less reliable basis for spatial 
analysis. By contrast, using a 10 km buffer around each respondent’s location allows for 
a more precise and individualized measure of conflict exposure.4 According to this 
approach, 87% of those surveyed had experienced at least one violent incident within 
their buffer zone, and 48% ten or more such occurrences. It is important to note that 
exposure to violent conflict does not necessarily imply victimization. Individuals may live 
in conflict zones yet not be directly affected by violence. For example, they may adopt 
coping strategies that enable them to continue their ‘normal’ lives despite the surround
ing insecurity. This suggests that the conflict exposure variable is best understood as 
a contextual or community-level measure.

To mitigate potential bias from relying on a single data source (ACLED), I constructed 
alternative versions of the conflict exposure variable using two additional datasets: the 
UCDP-GED5 and the GTD.6 In contrast to the ACLED dataset, which begins in 1997, the 
UCDP-GED and GTD have earlier start years: 1989 and 1970, respectively. As such, the 
conflict exposure variables derived from these sources capture incidents occurring within 
a 10 km buffer around each respondent’s location, starting from the respective 
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dataset’s year of inception.7 They also differ on their criteria for inclusion. The UCDP-GED 
only records events that resulted in at least one fatality, whereas ACLED and GTD still 
count incidents regardless of whether fatalities occurred. It is also important to note that 
GTD are specifically limited to terrorist attacks, defined as ‘the threatened or actual use of 
illegal force and violence by a nonstate actor to attain a political, economic, religious, or 
social goal through fear, coercion, or intimidation’ (GTD Codebook 2021, 11). Finally, 
I standardized the explanatory variable and all of its variants prior to their inclusion in 
the regression models. This transformation facilitates direct comparison of coefficient 
estimates across models.

Control variables
I incorporate a range of control variables to account for factors that may confound the 
relationship between conflict exposure and support for military rule. These controls 
include indicators of economic development and infrastructure, such as mean nighttime 
light intensity, population density, the availability of electricity, and the quality of roads in 
respondents’ neighborhoods. I also account for individual-level demographic character
istics – including age, gender, educational attainment, poverty levels, and urban versus 
rural residence – alongside political attitudes such as perceived government corruption 
and trust in both democratic institutions and the armed forces. Additionally, I control for 
the presence of security checkpoints manned by the military or police. A detailed descrip
tion of each variable and the rationale for its inclusion can be found in Section B of the 
Appendix, while Table A1 therein provides summary statistics for all variables used in the 
regression model.

Empirical strategy

Although this study focuses on how violent conflict influences attitudes toward military 
rule, it is also plausible that support for the latter could itself foster a greater propensity for 
violence. Individuals who favor military rule often harbor deep distrust toward civilian 
institutions such as courts or parliaments. As a result, they may be more inclined to 
endorse extrajudicial or violent actions as viable alternatives to what they perceive as 
ineffective or corrupt governance processes. Furthermore, military regimes tend to nor
malize the use of force in terms of how they rule. Those backing such regimes may 
internalize this norm, viewing violence not as a last resort but as an acceptable means of 
resolving conflict.

To mitigate concerns about reverse causation, I lag the key explanatory variable by 
one year, considering only instances of violent conflict that occurred prior to the two 
respective surveys. This approach assumes that present attitudes are unlikely to influence 
past exposure to violence. Despite the inclusion of several control variables in the model, 
the risk of omitted variable bias remains, given the difficulty of accounting for all potential 
confounders in the relationship between conflict exposure and support for military rule.

In seeking to address this, an instrumental variable strategy is implemented in two 
stages. In the first, I instrument exposure to violent conflict using the distance from 
respondents’ dwellings (see Figure 3) to Nigeria’s nearest international land border – 
regressing conflict exposure on this measure. In the second stage, I regress the dependent 
variable – attitudes toward military rule – on the predicted values of conflict exposure 
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obtained from the first stage. The rationale for using this particular instrument is that 
proximity to international borders is plausibly associated with a higher risk of violent 
conflict exposure. Border regions in Nigeria often suffer from limited state capacity, as 
they tend to be far from the administrative center. In other words, the ability of a state to 
cast power diminishes the farther one moves from that center (Le Billon 2001). This 
limited government presence can create a power vacuum, allowing armed groups to 
operate in such spaces with relative impunity.

Furthermore, proximity to international borders – particularly in areas with weak state 
capacity – is often associated with a higher concentration of small arms and light weapons 
(SALW), which can significantly increase the risk of violent conflict. Since the collapse of 
Libya in 2011 following NATO’s intervention there, large quantities of SALW have circu
lated across the Sahel region, fueling instability and armed violence (Chávez and Swed  
2024; Strazzari and Tholens 2014). This problem has been exacerbated by the porous 
borders between countries in the region, facilitating the unchecked movement of weap
ons, militants, and other illicit actors. These dynamics are especially pronounced in border 
areas where state capacity is typically limited due to underdeveloped infrastructure and 
minimal institutional presence. As a result, such regions often become hubs for arms 
proliferation and violent activity.

A clear example is Borno State, which borders Cameroon, Chad, and Niger, and has 
long served as a stronghold for the radical Islamist group Boko Haram (Anugwom 2019; 

Figure 3. Measuring distance from respondents’ geolocations to the border. Notes: The figure shows 
the geolocations of the survey respondents, along with lines depicting the straight-line (as-the-crow- 
flies) distance from each person’s location to the nearest international land border. Distances are 
measured in km. The figure was developed by the author using QGIS software.
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Onuoha 2012). Zamfara State, bordering Niger, has similarly experienced a particularly 
high incidence of armed banditry and ransom-driven abductions, underscoring the link 
between border proximity, arms proliferation, and violent conflict (B.B.C. (2024); Idris et al.  
2024, Bello 2025, Saminu, BinYaacob, and Shukri 2023). To address the concern that the 
mere presence of weapons or imposition of security measures might independently 
shape attitudes toward military rule, I include a dummy variable coded as 1 if there is 
a military or police checkpoint in the respondent’s neighborhood and 0 otherwise. This 
variable controls for the level of local militarization, under the assumption that the visible 
presence of the state via checkpoints and similar may moderate the relationship between 
arms proliferation and public opinion.

However, one potential threat to identification is that distance to the border may 
correlate with population size and urbanization. For example, democratic govern
ments might be less inclined to invest in infrastructure or public services in sparsely 
populated border regions, which could, in turn, shape local attitudes toward military 
rule. Furthermore, rural areas are typically poorer than urban centers and tend to see 
a weaker government presence. To address these potential sources of bias, I control 
for population size within a 10 km buffer zone around respondents’ geolocations and 
include an urban-rural dummy variable from the Afrobarometer survey rounds. I also 
account for infrastructure availability with the help of two specific measures: a binary 
variable indicating connection to the national electricity grid and a six-point scale 
assessing road quality (ranging from ‘0 = Impassable’ to ‘5 = Very good’). Finally, 
I include state and year fixed effects. State fixed effects account for unobserved, 
time-invariant factors unique to each state – such as cultural norms or historical 
patterns of marginalization – that may confound the relationship between conflict 
exposure and political attitudes. Year fixed effects capture time-varying shocks that 
affect all observations simultaneously, such as macroeconomic fluctuations or 
changes in national policy.

It is also important to note that the assumption that border areas possess less infra
structure may not hold strictly true in the Nigerian context. The provision of public goods 
there is often shaped not by proximity to the border but by ethnic considerations, 
religious affiliations, and political patronage. Following his 2015 victory, for instance, 
former president Muhammadu Buhari explicitly acknowledged these ‘political realities,’ 
stating that constituencies providing 97% of his support base could not be treated equally 
to those providing only 5% thereof (Sahara 2015; Sogunro 2019). In other words, if border 
regions happen to be opposition strongholds, they are marginalized not because of their 
geographic location but because of their voting preferences.

This pattern of patronage extends to the state level, as exemplified in Kaduna. 
Former governor Nasir El-Rufai openly admitted that religious affiliation was the 
primary determinant for appointments during his administration, boasting that key 
cabinet positions – including the deputy governor, chief of staff, and commissioner 
of finance – were exclusively occupied by Muslims. Furthermore, he explicitly stated 
that public goods were disproportionately allocated to Muslim-dominated areas that 
provided him a large share of the vote, rather than to Christian areas that did not 
(Sahara 2023; Shiklam 2023).8 Such patronage is deeply rooted in Nigerian political 
history. Reflecting on the First Republic (1963-1966), Diamond (1988) observed that 
major political parties similarly made the provision of essential services – such as 
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roads, bridges, and healthcare – explicitly conditional on electoral loyalty. 
Consequently, the distribution of infrastructure in Nigeria may reflect the geography 
of political loyalty rather than a simple gradient of distance from the national border.

Another potential concern with the proposed model relates to the measurement of 
violent conflict over an extended duration – from 1997 until the year preceding the 2022 
and 2024 surveys. This timeframe could be problematic if earlier conflicts prompted 
significant migration. If, however, violence shapes attitudes toward military rule via the 
formation of communal norms, long-term exposure remains relevant; individuals may 
internalize these frames over time, even if they were not present during earlier conflicts. 
Moreover, recent studies in Nigeria have highlighted the tendency of individuals to 
remain in their communities despite the threat of violence, often due to a refusal to 
relinquish ancestral lands (Olumba 2025). Likewise, persistent exposure can lead to the 
normalization of violence within society, as individuals develop coping strategies despite 
its continued prevalence (Tuki 2024b). Nonetheless, to guard against potential bias, 
I estimated additional models restricting the conflict measure to shorter reference peri
ods: specifically, beginning 2017 and 2019 respectively.

To examine the effect of violent conflict on Nigerians’ attitudes toward military rule, 
I consider two models of the following general forms: 

In Equation (1), Conflicti indicates a standardized version of the of the number of 
violent conflict incidents occurring within a 10 km radius of Respondent i0s dwelling 
who lives in state j; α0 is the intercept; Distance to borderi measures the distance 
from the respondents’ geolocations to Nigeria’s nearest land border (as-the-crow-flies 
and in km); α1 is the coefficient for the distance variable, while ei is the error term.

In Equation (2), Military ruleijt is the main dependent variable, which measures the 
degree to which Respondent i who lives in state j at year t supports military rule. Conflict�i 
denotes the predicted value of conflict exposure derived from Equation (1), β0 is the 
intercept; β1 and β2 are the coefficients of the explanatory and control variables, respec
tively; φ0 is a vector of control variables; Λj and τt denote the state and year fixed effects, 
respectively; while μi is the error term.

I conducted the analysis using a two-step approach. In the first, I examined the 
correlation between conflict exposure and attitudes toward military rule by estimat
ing an ordered probit (OProbit) regression model. This method is appropriate 
because it accounts for the ordinal nature of the dependent variable. In 
the second step, I estimated an instrumental variable (IV) model to identify the 
causal effect of conflict exposure on attitudes toward military rule. Specifically, 
I employed instrumental variable ordered probit (IV-OProbit) regressions, which not 
only respects the ordered structure of the outcome variable but also enable estima
tion of the treatment effect across each category of the dependent variable. The 
identification strategy relies on the assumption that distance to the nearest interna
tional border affects attitudes toward military rule only through its impact on 
exposure to violent conflict.
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Results

Descriptive analysis

I begin with a descriptive analysis to illustrate the spatial distribution of violent conflict and 
support for military rule across Nigeria’s 36 states and the Federal Capital Territory (Abuja), as 
shown in Figure 4. Specifically, Panel A displays the total number of violent conflict incidents 
per state from 1997 to 2024, with darker shades of red denoting a higher conflict incidence. 
Panel B presents the percentage of respondents who either ‘approve’ or ‘strongly approve’ of 
military rule, with darker shades of orange indicating higher support for that mode of 
governance.

The data reveal a complex relationship between these respective variables. 
Although Borno recorded the highest number of violent conflicts (5,117 incidents), 
only 17% of its population express support for military rule. In contrast, Kaduna 
follows with 1,999 incidents but shows a significantly higher support level here 
(32%). While Zamfara and Katsina both recorded high conflict levels (>1,000 inci
dents), they also show high levels of support for military rule above 30%. 
Interestingly, Ekiti documented a very low incidence of conflict (175), yet 35% of 
its population supports military rule – a higher proportion than in the high-conflict 

Figure 4. Spatial distribution of violent conflict and support for military rule in Nigeria. Notes: Panel A, 
based on ACLED data, shows the incidence of violent conflict across Nigeria’s 36 states and the Federal 
Capital Territory (Abuja) between 1997 and 2024. Panel B, based on pooled data from Rounds 9 and 10 
of the Afrobarometer survey conducted in 2022 and 2024, shows the distribution of support for 
military rule expressed in percentage. The figure was developed by the author using QGIS software.
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state of Borno. Furthermore, while support for military rule peaks in Sokoto at 42%, 
the state recorded only 602 incidents – far fewer than those observed in Borno.

While this descriptive analysis is insightful, it masks the individual-level dimensions 
of the nexus between violent conflict and political attitudes. For instance, even in 
states with a high aggregate incidence of violence, such occurrences may not be 
evenly distributed but rather concentrated in specific locales. This heterogeneity 
underscores the strength of the spatial approach employed in constructing the 
explanatory variable, where conflict exposure is measured using a 10 km buffer 
zone around respondents’ geolocations.

Correlational analysis

I begin with a simple correlational analysis examining the association between violent 
conflict and attitudes toward military rule, with the results reported in Table 1. In Model 1, 
which includes only the conflict variable, the coefficient is negative and statistically 
significant at the 1% level, indicating a negative association between conflict exposure 
and support for military rule. This relationship holds in Model 2 after introducing a set of 
control variables, even though the number of observations drop slightly due to listwise 
deletion.9 In Model 3—which incorporates state and survey-year fixed effects – conflict 
maintains its negative coefficient, though its statistical significance decreases to the 10% 
level. This decrease in significance suggests that state-level factors or temporal trends 
account for some of the variation previously attributed solely to conflict exposure. 
Notably, the lower AIC statistic for Model 3 suggests it provides the best fit for the data.

Among the control variables, only population, trust in government, trust in the armed 
forces, perceived government corruption, and gender reach statistical significance. The 
positive coefficient for population size indicates that individuals in more populous com
munities are more likely to support military rule. Conversely, the negative coefficient for 
the trust-in-government index suggests that higher confidence in democratic institutions 
correlates with lower support for military intervention. In contrast, trust in the armed 
forces and perceptions of government corruption are both positively associated with 
support for military rule. Finally, the gender indicator suggests that men are more likely 
than women to support a military government. It is important to note, however, that 
these findings are purely correlational and do not yet address potential endogeneity 
concerns.

Instrumental variable regression analysis

Next, I estimate a series of IV-OProbit models, with results reported in Table 2. In the first- 
stage regressions (top panel), I regress exposure to violent conflict on the instrumental 
variable: distance to the nearest national land border. Since both variables are continuous, 
I estimate this stage using OLS regressions. As anticipated in the empirical strategy, the 
distance variable carries a negative coefficient that is statistically significant at the 1% 
level. Furthermore, the F-Statistic range from 11.03 to 14.64, exceeding the standard 
diagnostic threshold of 10 for instrument relevance (Stock et al. 2002). This confirms 
that proximity to national borders is associated with a higher risk of conflict exposure.
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In the second-stage models, I use the predicted values of conflict from the first stage as 
the primary explanatory variable. In Model 1, which excludes controls, the coefficient for 
predicted conflict is negative and statistically significant. This suggests that exposure to 
violent conflict reduces support for military rule, providing empirical support for Hypothesis 
2. Notably, the correlation between the error terms of the first- and second-stage regres
sions is statistically significant, confirming that endogeneity was present and that the 

Table 1. Oprobit models regressing attitudes toward military rule on violent 
conflict.

Military ruleσ (1) (2) (3)

ConflictΦ† −0.103*** −0.09*** −0.061*
(0.021) (0.03) (0.035)

Nighttime light† −0.009** −0.005
(0.004) (0.006)

Log Population† 0.091*** 0.081**
(0.027) (0.039)

Urban (Ref: Rural) −0.025 −0.019
(0.053) (0.057)

Trust in government index −0.023* −0.023*
(0.013) (0.013)

Trust in armed forces 0.204*** 0.167***
(0.027) (0.028)

Corruption index 0.027** 0.022*
(0.011) (0.012)

Lived poverty index −0.003 −0.001
(0.005) (0.005)

Education level 0.002 0.019
(0.01) (0.012)

Age −0.002 −0.002
(0.002) (0.002)

Male (Ref: Female) 0.087** 0.082*
(0.042) (0.043)

Electricity grid −0.12** −0.081
(0.055) (0.061)

Good road 0.036** −0.015
(0.018) (0.02)

Checkpoint 0.14** 0.06
(0.065) (0.073)

Intercept 1 −0.078*** 1.369*** 1.349***
(0.022) (0.342) (0.519)

Intercept 2 0.54*** 2.006*** 2.007***
(0.024) (0.342) (0.519)

Intercept 3 0.73*** 2.201*** 2.208***
(0.025) (0.343) (0.519)

Intercept 4 1.411*** 2.888*** 2.912***
(0.033) (0.345) (0.522)

State fixed effects No No Yes
Year fixed effects No No Yes
Observations 3175 2960 2960
Pseudo R2 0.003 0.015 0.033
Log pseudolikelihood −3957.124 −3946.954 −3877.375
AIC statistic 8608.865 7929.907 7864.751
BIC statistic 8639.18 8037.737 8194.232

Notes: Robust standard errors are in parentheses, *** p < 0.01, ** p < 0.05, * p < 0.10. All models 
are estimated using OProbit regressions. † denotes variables which are measured using buffers 
with a radius of 10 km. ‘Ref’ indicates the reference category. σ indicates the dependent 
variable. Φ denotes variables that have been standardized. AIC = Akaike information criterion; 
BIC = Bayesian information criterion. The regression models are based on data from Rounds 9 
and 10 of the Afrobarometer survey conducted in Nigeria in 2022 and 2024, respectively.
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instrumental variable approach is appropriate. This negative effect remains robust after 
including control variables (Model 2) and adding state and year fixed effects (Model 3).

To ensure the reliability of these findings, I conduct several robustness checks. 
First, I re-estimate the models using a larger 30 km buffer zone to measure conflict 
exposure; the findings in Table A2 in the Appendix reinforce the main results. 
Second, I employ alternative measures of conflict exposure covering shorter time 
periods. Rather than using a cumulative measure starting from 1997, these vari
ables capture incidents beginning in 2017 and 2019 respectively. These models 
mitigate concerns regarding the use of long-term conflict data, and the results 
remain consistent with those reported in Table 2 (see Table A3 in the Appendix). 
Third, I re-estimate the models using alternative conflict measures derived from 
UCDP-GED and GTD to ensure that the results are not sensitive to data source. As 
shown in Table A4 in the Appendix, the results remain consistent with initial 

Table 2. IV-OProbit models examining the effect of violent conflict on attitudes toward military rule.

(1) (2) (3)

Dependent variable: ConflictΦ†

First-stage regressions
Distance to border (km) −0.001*** −0.001*** −0.001***

(0.00) (0.00) (0.00)
F-Statistic 14.64 11.03 11.57

Dependent variable: Military rule
Second-stage regressions
ConflictΦ† −0.662*** −0.694*** −0.833***

(0.205) (0.236) (0.237)
Intercept 1 −0.063** 1.104*** 0.798

(0.025) (0.372) (0.542)
Intercept 2 0.44*** 1.607*** 1.202*

(0.084) (0.464) (0.722)
Intercept 3 0.595*** 1.761*** 1.326*

(0.113) (0.495) (0.78)
Intercept 4 1.15*** 2.303*** 1.759*

(0.217) (0.609) (0.99)

Control variables No Yes Yes
State fixed effects No No Yes

Year fixed effects No No Yes
Observations 3175 2953 2953

Log pseudolikelihood −8804.841 −8117.571 −8048.724
Error terms correlation 0.581*** 0.614** 0.789***

AIC statistic 17,627.68 16,279.14 16,215.45
BIC statistic 17,682.25 16,410.94 16,568.89

Notes: Robust standard errors are in parentheses; *** p < 0.01, ** p < 0.05, * p < 0.10. The first section of the table reports 
the coefficients of the first-stage regressions, while the second panel reports the coefficients for the second-stage 
regressions. All models are estimated using IV-OProbit regressions, with the first-stage models estimated using OLS 
regressions. The symbol † denotes variables measured using buffers with a radius of 10 km, while Φ denotes variables 
that have been standardized. Control variables include nighttime light, population size, urban residence, trust in 
government, trust in the armed forces, perception of government corruption, educational level, age, gender, access 
to electricity, road quality in respondents’ neighborhoods, and the presence of security checkpoints. The regression 
models are based on data from Rounds 9 and 10 of the Afrobarometer survey conducted in Nigeria in 2022 and 2024, 
respectively.
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findings – although the instrument strength appears weaker in these models. 
Finally, I re-estimate the models clustering standard errors at the local government 
area (LGA, i.e. municipality) level. The coefficient for conflict remains negative and 
substantively similar to the main estimates, although the level of statistical sig
nificance declines (see Table A5 in the Appendix). I should note, however, that LGA 
clustering may be overly coarse for this analysis, as conflict exposure is measured 
using 10-km spatial buffers around respondents’ geolocations and therefore varies 
within LGAs. This approach captures localized exposure that does not necessarily 
conform to administrative boundaries.

To illustrate the magnitude of the effects reported in Table 2, Figure 5 plots the 
average marginal effects for the baseline model. The figure reveals that conflict 
exposure has the most pronounced impact on the ‘Strongly disapprove’ category. 
Notably, the effect is positive only within this category and remains negative across 
the other four. Specifically, a 1 standard deviation increase in the predicted value of 
conflict exposure raises the probability of strongly disapproving of military rule by 
32 percentage points, while decreasing the probability of strong approval by 12 per
centage points.

Figure 5. Average marginal effect of violent conflict on attitudes toward military rule in Nigeria. Notes: 
The figure, based on Model 1 in Table 2, visualizes the average marginal effect of violent conflict on 
each category of the dependent variable, which measures Nigerians’ attitudes toward military rule. 
The horizontal axis displays the various levels of support for military rule, the vertical axis the 
corresponding predicted probabilities. Confidence intervals are set at the 90% level. 
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Does opposition to military rule imply support for democracy?

Following the negative effect of violent conflict on military support observed in 
Tables 1 and 2, a logical follow-up is whether this translates into a positive effect 
on support for democratic rule. To test this, I utilize two variables from the 
Afrobarometer survey rounds. The first—Prefer democracy—is a dummy variable 
where a value of 1 represents the opinion that ‘Democracy is preferable to any 
other kind of government,’ while 0 includes those who believe nondemocratic 
governments can be preferable or that the type of government does not matter. 
This coding isolates staunch supporters of democracy from those willing to consider 
alternative modes of governance. The second—Quality of democracy—captures 
respondents’ assessments of the nature of Nigeria’s current political system on 
a four-point Likert scale ranging from ‘1 = Not a democracy’ to ‘4 = A full democracy.’

Table 3 reports these regression results. Model 1 utilizes a 2SLS regression to estimate the 
effect of conflict on the binary preference for democracy or not. The coefficient for conflict 
exposure is statistically insignificant; furthermore, the first-stage F-statistic falls below the 
standard diagnostic threshold of 10, suggesting the instrument is weak in this specification. 
Model 2 examines the effect on the perceived quality of democracy in Nigeria. Here, 
the second-stage coefficient is also insignificant. Notably, the correlation between the 
error terms for the first and second stages is statistically insignificant, suggesting that 
endogeneity is not present and a standard OProbit model would be more efficient. 
However, as Table A6 in the Appendix demonstrates, violent conflict remains statistically 
insignificant even under linear probability model (LPM) and OProbit estimations. 
Collectively, these results suggest that conflict exposure does not significantly influence 
either Nigerians’ preferences as regards democracy or their perceptions of its quality.

Discussion

The primary result of the statistical analysis indicates that exposure to violent conflict has 
a negative effect on support for military rule. In other words, as Nigerians are increasingly 
exposed to violence, they become less likely to support military government. This finding 
contrasts with studies from other contexts, which argue that individuals exposed to 
violence are more likely to support military rule by the armed forces because they 
associate the institution with discipline and believe it to be better equipped to address 
insecurity (e.g. Bester 2024; Tuki 2024a). Three plausible reasons explain the Nigerian 
results: frequent military attacks on civilians and human rights abuses, pervasive security 
sector corruption, and the historical association of the military with state-led violence.

The Nigerian military has been frequently implicated in deadly attacks whereby inno
cent civilians were mistaken for terrorists and killed by airstrikes. The frequency of these 
‘errors’ has eroded trust in the institution, leading the public to view the country’s armed 
forces as a perpetrator rather than a protector (Human Rights Watch 2023; Ogbozor 2025; 
Okoli, Olaniyan, and Ayegbusi 2024). Recent cases highlight the extent of these accidental 
attacks. In January 2025, a military airstrike in Zamfara State killed at least 16 civilians after 
they were mistaken for members of a bandit gang (Ewang 2025; Rukanga 2025). Just 
weeks earlier, on Christmas Day 2024, another strike killed at least 10 civilians in neigh
boring Sokoto State (Maishanu 2024). A similar incident occurred in September 2024, in 
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Kaduna State, where a strike killed 24 civilians attending a private celebration (Ewang  
2024). Furthermore, the military has faced accusations of systemic human rights violations 
in its campaign against groups like Boko Haram (Amnesty International 2015a, 2015b; 
Dietrich 2015). Because insurgents often live among the civilian population, the military 
has struggled to distinguish between combatants and noncombatants, resulting in indis
criminate or overly aggressive tactics that further undermine local trust.

Beyond airstrikes on civilian targets and human rights abuses, public perceptions are 
further marred by the belief that the military is deeply corrupt. Reports allege that funds 
intended for procurement have been embezzled by senior personnel and the political 
elites, resulting in an underequipped force incapable of protecting the nation (Banini  
2020; Ogbonaya 2020; J. S. Ojo et al. 2020). Additionally, allegations that the military has 
been infiltrated by the very terrorist groups it is meant to fight have further undermined 
its credibility (Lenshie et al. 2024; Oriola 2021). A stark example is the 2025 kidnapping of 

Table 3. Models examining the effect of violent conflict on attitudes toward democracy.

(1) (2)

2SLS IV-OProbit

Dependent variable: ConflictΦ†

First-stage regressions
Distance to border (Km) −0.001*** −0.00***

(0.001) (0.00)
F-Statistic 7.767 10.3

Prefer democracy Quality of democracy
Second-stage regressions
ConflictΦ† −0.412 0.192

(0.4) (0.983)
Constant −0.533

(1.188)
Intercept 1 −1.7***

(0.624)

Intercept 2 −0.126
(0.497)

Intercept 3 1.057**
(0.525)

Control variables Yes Yes
State fixed effects Yes Yes

Year fixed effects Yes Yes
Observations 2965 2939
Log pseudolikelihood −7295.066

Error terms correlation −0.199

Notes: Robust standard errors are in parentheses; *** p < 0.01, ** p < 0.05, * p < 0.10. The first section of the table reports 
the coefficients of the first-stage regressions, while the second panel reports the coefficients for the second-stage 
regressions. Model 1 is estimated using a two-stage least squares (2SLS) regression. Model 2 is estimated using IV- 
OProbit (IV-OProbit) regression, with the first-stage model estimated using an OLS regression. The symbol † denotes 
variables measured using buffers with a radius of 10 km, while Φ denotes variables that have been standardized. 
Control variables include nighttime light, population, urban residence, trust in government, trust in the armed forces, 
perception of government corruption, educational level, age, gender, access to electricity, road quality in respondents’ 
neighborhoods, and the presence of security checkpoints. The regression models are based on data from Rounds 9 and 
10 of the Afrobarometer survey conducted in Nigeria in 2022 and 2024, respectively.
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25 girls from a secondary school in Kebbi. Military personnel stationed at the school 
reportedly withdrew from their posts shortly before the attack, allowing bandits a free 
hand to conduct their operation. This event led to widespread public calls for an inves
tigation into military complicity in the abduction (Atungwu 2025; Uthman, Odeniyi, and 
Salman 2025). In light of the aforementioned factors, it appears irrational for individuals to 
support the very organization they hold responsible for the insecurity confronting them.

Finally, Nigerians’ contemporary opinions toward military rule are shaped by the 
country’s historical experience with autocracy. It remained largely under military rule 
from 1966 through 1999, a period characterized by bloody coups, summary executions, 
and systemic repression (Ihonvbere 1996; Ikpe 2000; Siollun 2009). A notable example is 
the 1995 execution of prominent environmental activist Ken Saro-Wiwa, founder of the 
Movement for the Survival of the Ogoni People (MOSOP). The group accused the military 
government of failing to regulate multinational oil companies whose spills had destroyed 
the livelihoods of local farmers and fishermen. Following a trial on trumped-up murder 
charges, Saro-Wiwa and eight other MOSOP members were executed amid global con
demnation (Narr and Eskin 1997; Westra 1998). Consequently, individuals exposed to 
violence may view force as an ineffective and inherently harmful means of governance, 
associating the military with the very violence they abhor.

However, it is imperative to note that opposition to military rule does not automatically 
translate into support for democracy. This nuance is evident in the statistical insignif
icance of conflict exposure on the two democracy-related indicators used in this study 
(Table 3). This null relationship likely exists because, regardless of violence levels, 
Nigerians generally maintain a baseline belief that democracy is the best system of 
rule – a belief rooted in socialization and the trauma of past autocracy. Data from 
Round 10 of the Afrobarometer survey (2024) confirms this: some 65% of Nigerians prefer 
democracy to any other means of governance. Yet, this preference is tempered by deep 
dissatisfaction: only 6% believe the country is a full democracy, and 87% are dissatisfied 
with how democracy currently functions. Nigerians appear to support democracy for its 
promises – freedom, accountability, and pluralism – rather than current performance.

Conclusion

Using survey data from Afrobarometer, this study has examined the effects of violent conflict 
on attitudes toward military rule in Nigeria. Regression analysis reveals that exposure to 
violence has a negative effect on support for military government. This finding is robust across 
alternative operationalizations of violent conflict. Plausible explanations here include frequent 
military attacks on civilians, pervasive security sector corruption, and the historical association 
of the armed forces with state-led violence – all of which erode public trust and undermine the 
military’s legitimacy as a governance institution.

The analysis further demonstrates that exposure to violent conflict has no significant 
effect on either Nigerians’ preference for democracy or their assessment of the quality of it 
nationally. This indicates that, regardless of the level of violence, Nigerians generally 
maintain a normative belief that democracy is the best system of government. 
However, this commitment does not necessarily mean they perceive Nigeria as a full 
democracy or that they are satisfied with its current performance.
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Taken together, these results suggest that, even amid widespread insecurity, Nigerians are 
not turning to authoritarianism as a solution thereto. Nevertheless, it is imperative to note that 
the domestic population’s patience is finite. Data from Round 10 of the Afrobarometer survey 
(2024) indicate a complex shift: Nigerians currently report higher levels of trust in the armed 
forces than in the presidency or the National Assembly. While 44% and 45% of the population 
express ‘no trust at all’ in the president and National Assembly respectively, the equivalent 
figure is significantly lower for the armed forces (18%). In essence, the Nigerian government 
must urgently address the problem of insecurity to ensure that peace and stability become 
tangible ‘democratic dividends’ delivered to the people.

Finally, it is crucial to consider the external generalizability of these findings. They may 
extend to other African nations with a history of brutal military rule, such as Ethiopia 
under the Derg (1974-1991), Uganda under Idi Amin (1971-1979), or The Gambia under 
Yahya Jammeh (1994-2017). In these instances, the collective trauma and negative 
memories of autocracy serve as a historical reference point that prompts citizens to reject 
military intervention in the present. Conversely, this correlation may not hold in contexts 
like Niger, where successive democratic governments have been characterized by repres
sion, corruption, and unconstitutional term extensions (Tuki 2024a, 1743-1745). In such 
cases, military intervention is often framed as ‘corrective’ – a necessary disruption 
intended to remove a democratically elected leader turned autocrat and realign the 
country with a ‘true’ democratic path (Bonnecase 2021; Higgot and Fuglestad 1975).

Notes

1. See: https://www.afrobarometer.org/.
2. On Afrobarometer’s sampling strategy visit: https://www.afrobarometer.org/surveys-and- 

methods/sampling/.
3. To access the ACLED dataset visit: https://acleddata.com/.
4. I also created an alternative version of the explanatory variable using a 30 km buffer zone. 

This variable was used to conduct a robustness check.
5. See: https://ucdp.uu.se/.
6. See: https://www.start.umd.edu/gtd/.
7. While the variable based on the UCDP dataset has a lag of one year, that derived from the 

GTD has a deeper lag because the data are only available until 2020.
8. The comments by El-Rufai sparked significant outrage among Christians in Kaduna, who have 

long protested against political and socioeconomic marginalization. These tensions are 
undergirded by the state’s demographic composition, which is almost evenly split between 
Muslims and Christians – with Muslims holding a slight numerical majority (Tuki 2025). This 
religious divide is also geographic: while the northern part of the state is predominantly 
Muslim, the Christian population is concentrated in the south (Angerbrandt 2015; Tuki 2026).

9. This is because, for variables derived from the Afrobarometer survey, ‘Don’t know’ and 
‘Refused to answer’ responses are treated as missing observations.

10. See: https://eogdata.mines.edu/products/dmsp/.
11. See: https://www.worldpop.org/.
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Appendix

Section A

0

500

1000

1500

2000

2500

3000

3500

4000

4500

1997 2000 2003 2006 2009 2012 2015 2018 2021 2024

Number of incidents (n = 26,401)

Figure A1. Annual trend of violent conflict incidents in Nigeria (1997-2024). Notes: Author’s own 
compilation based on ACLED data. ‘Violent conflict’ is defined as any incident categorized as a battle, 
violence against civilians, or explosions/remote violence.
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Table A1. Descriptive statistics.
Variable Total observations Mean Standard deviation Minimum Maximum

Military ruleσ 3175 2.141 1.359 1 5
Prefer democracy 3189 0.673 0.469 0 1
Quality of democracy 3157 2.219 0.792 1 4
Conflict 3200 36.553 73.679 0 674
ConflictΦ 3200 0 1 −0.496 8.652
Conflict (30 km) 3200 131.303 159.637 2 824
Conflict (30 km)Φ 3200 0 1 −0.81 4.339
Conflict (from 2017) 3200 18.032 26.728 0 216
Conflict (from 2017)Φ 3200 0 1 −0.675 7.407
Conflict (from 2019) 3200 15.2 20.968 0 117
Conflict (from 2019)Φ 3200 0 1 −0.725 4.855
Conflict (UCDP) 3200 8.755 32.355 0 419
Conflict (UCDP)Φ 3200 0 1 −0.271 12.679
Conflict (GTD) 3200 9.762 42.091 0 547
Conflict (GTD)Φ 3200 0 1 −0.232 12.764
Nighttime light (10 km) 3200 5.045 9.216 0 48.372
Nighttime light (30 km) 3200 2.992 4.993 0 22.264
Log population (10 km) 3200 12.294 1.283 8.733 15.671
Log population (30 km) 3200 14.087 1.071 11.128 16.494
Urban (Ref: Rural) 3200 0.438 0.496 0 1
Trust in government index 3127 2.6 2.217 0 9
Trust in armed forces 3188 1.342 0.982 0 3
Corruption index 3080 5.313 1.994 0 9
Lived poverty index 3173 9.349 4.465 0 20
Education level 3197 4.167 2.268 0 9
Age 3200 35.078 12.556 18 97
Male (Ref: Female) 3200 0.501 0.5 0 1
Distance to border (km) 3200 164.274 96.879 3.453 394.193
Electricity grid 3192 0.687 0.464 0 1
Good road 3192 4.075 1.309 1 6
Checkpoint 3192 0.113 0.316 0 1

Notes: ‘Ref’ indicates the reference category. σ indicates the dependent variable. Φ denotes a variable that has been 
standardized. Unless otherwise specified in parentheses, all the conflict variables are measured within a 10 km buffer 
zone.
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Table A2. Replicating the results in Table 2 while measuring conflict with 
a radius of 30 km.

(1) (2)

Dependent variable: ConflictΦ†

First-stage regressions
Distance to border (km) −0.01*** −0.01***

(0.00) (0.00)
F-Statistic 18.61 11.03

Dependent variable: Military rule
Second-stage regressions
ConflictΦ† −0.509*** −0.761***

(0.195) (0.267)
Intercept 1 −0.07*** 1.229

(0.023) (0.783)
Intercept 1 0.487*** 1.698*

(0.054) (0.91)
Intercept 2 0.658*** 1.841*

(0.072) (0.953)
Intercept 3 1.273*** 2.343**

(0.136) (1.112)
Control variables No Yes
State fixed effects No Yes
Year fixed effects No Yes
Observations 3175 2953
Log pseudolikelihood −8800.661 −8060.776
Error terms correlation 0.431 0.701
AIC statistic 17,619.32 16,239.55
BIC statistic 17,673.89 16,593

Notes: Robust standard errors are in parentheses; ***p < 0.01, **p < 0.05, *p < 0.10. The 
first section of the table reports the coefficients of the first-stage regressions, while 
the second panel reports the coefficients for the second-stage regressions. All models 
are estimated using IV-OProbit regressions, with the first-stage models estimated 
using OLS regressions. The symbol † denotes variables measured using buffers with 
a radius of 30 km, while Φ denotes variables that have been standardized. Control 
variables include nighttime light, population size, urban residence, trust in govern
ment, trust in the armed forces, perception of government corruption, educational 
level, age, gender, access to electricity, road quality in respondents’ neighborhoods, 
and the presence of security checkpoints. The regression models are based on data 
from Rounds 9 and 10 of the Afrobarometer survey conducted in Nigeria in 2022 and 
2024, respectively.

28 D. TUKI



Table A3. Replicating the results in Table 2 using measures of conflict 
exposure starting 2017 and 2019 respectively.

(1) (2)

From 2017 From 2019

Dependent variable: ConflictΦ†

First-stage regressions
Distance to border (km) −0.00** −0.00**

(0.00) (0.00)
F-Statistic 4.69 4.85

Dependent variable: Military rule
Second-stage regressions
ConflictΦ† −0.901*** −0.866***

(0.187) (0.216)
Intercept 1 0.639 0.598

(0.548) (0.524)
Intercept 1 0.959 0.935

(0.76) (0.737)
Intercept 2 1.056 1.037

(0.826) (0.804)
Intercept 3 1.399 1.398

(1.065) (1.048)
Control variables Yes Yes
State fixed effects Yes Yes
Year fixed effects Yes Yes
Observations 2953 2953
Log pseudolikelihood −8044.379 −8052.955
Error terms correlation .874*** .859***
AIC statistic 16,206.76 16,223.91
BIC statistic 16,560.2 16,577.35

Notes: Robust standard errors are in parentheses; ***p < 0.01, **p < 0.05, *p < 0.10. The 
first section of the table reports the coefficients of the first-stage regressions, while 
the second panel reports the coefficients for the second-stage regressions. All models 
are estimated using IV-OProbit regressions, with the first-stage models estimated 
using OLS regressions. The symbol † denotes variables measured using buffers with 
a radius of 10 km, while Φ denotes variables that have been standardized. In Model 1, 
the measure from conflict starts from 2017, while it begins from 2019 in Model 2. 
Control variables include nighttime light, population size, urban residence, trust in 
government, trust in the armed forces, perception of government corruption, educa
tional level, age, gender, access to electricity, road quality in respondents’ neighbor
hoods, and the presence of security checkpoints. The regression models are based on 
data from Rounds 9 and 10 of the Afrobarometer survey conducted in Nigeria in 2022 
and 2024, respectively.
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Table A4. Replicating the results in Table 2 using the conflict measure from UCDP-GED & GTD.

(1) (2)

UCDP-GED GTD

Dependent variable: ConflictΦ†

First-stage regressions
Distance to border (km) −0.00* −0.00*

(0.00) (0.00)

F-Statistic 5.85 3.53
Dependent variable: Military rule

Second-stage regressions
ConflictΦ† −0.942*** −0.977***

(0.187) (0.156)
Intercept 1 0.595 0.459

(0.496) (0.434)

Intercept 1 0.891 0.686
(0.689) (0.613)

Intercept 2 0.981 0.756
(0.75) (0.669)

Intercept 3 1.297 1
(0.966) (0.869)

Control variables Yes Yes

State fixed effects Yes Yes
Year fixed effects Yes Yes

Observations 2953 2953
Log pseudolikelihood −8011.549 −8015.587

Error terms correlation 0.893*** 0.938***
AIC statistic 16,141.1 16,149.17
BIC statistic 16,494.54 16,502.62

Notes: Robust standard errors are in parentheses; ***p < 0.01, **p < 0.05, *p < 0.10. The first section of the table reports the 
coefficients of the first-stage regressions, while the second panel reports the coefficients for the second-stage regres
sions. All models are estimated using IV-OProbit regressions, with the first-stage models estimated using OLS regres
sions. The symbol † denotes variables measured using buffers with a radius of 10 km, while Φ denotes variables that have 
been standardized. The measure for conflict in Model 1 is derived from the UCDP-GED, while that in Model 2 is derived 
from the GTD. Control variables include nighttime light, population size, urban residence, trust in government, trust in 
the armed forces, perception of government corruption, educational level, age, gender, access to electricity, road quality 
in respondents’ neighborhoods, and the presence of security checkpoints. The regression models are based on data from 
Rounds 9 and 10 of the Afrobarometer survey conducted in Nigeria in 2022 and 2024, respectively.
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Table A5. IV-Oprobit models examining the effect of violent conflict on attitudes toward military rule, 
with standard errors clustered at the local government area (LGA) level.

(1) (2) (3)

Dependent variable: ConflictΦ†

First-stage regressions
Distance to border (km) −0.001 −0.001 −0.001

(0.528) (0.001) (0.001)

F-Statistic 0.67 0.54 0.54
Dependent variable: Military rule

Second-stage regressions
ConflictΦ† −0.662 −0.694 −0.833*

(0.528) (0.584) (0.496)
Intercept 1 −0.063 1.104 0.798

(0.069) (0.672) (0.815)

Intercept 2 0.44** 1.607* 1.202
(0.182) (0.926) (1.179)

Intercept 3 0.595** 1.761* 1.326
(0.25) (1.008) (1.293)

Intercept 4 1.15** 2.303* 1.759
(0.497) (1.297) (1.695)

Control variables No Yes Yes
State fixed effects No No Yes
Year fixed effects No No Yes

Observations 3175 2953 2953
Log pseudolikelihood −8804.841 −8117.571 −8048.724

Error terms correlation 0.581 0.614 0.789*
AIC statistic 17,627.68 16,279.14 16,215.45

BIC statistic 17,682.25 16,410.94 16,568.89

Notes: Robust standard errors are in parentheses; ***p < 0.01, **p < 0.05, *p < 0.10. The first section of the table reports 
the coefficients of the first-stage regressions, while the second panel reports the coefficients for the second-stage 
regressions. All models are estimated using IV-OProbit regressions, with the first-stage models estimated using OLS 
regressions. The symbol † denotes variables measured using buffers with a radius of 10 km, while Φ denotes variables 
that have been standardized. Control variables include nighttime light, population size, urban residence, trust in 
government, trust in the armed forces, perception of government corruption, educational level, age, gender, access to 
electricity, road quality in respondents’ neighborhoods, and the presence of security checkpoints. The regression 
models are based on data from Rounds 9 and 10 of the Afrobarometer survey conducted in Nigeria in 2022 and 2024, 
respectively.
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Table A6. Replicating the results in Tables 3 using OLS and Ologit models.

(1) (2)

Prefer democracy Quality of democracy

ConflictΦ† 0.002 −0.009
(0.013) (0.028)

Constant 0.641***
(0.214)

Intercept 1 −1.743***
(0.504)

Intercept 2 −0.137

(0.503)
Intercept 3 1.071**

(0.505)
Control variables Yes Yes

State fixed effects Yes Yes
Year fixed effects Yes Yes

Observations 2965 2939
Pseudo R2 or R2 0.098 0.086
Log pseudolikelihood −3137.473

Notes: Robust standard errors are in parentheses; ***p < 0.01, **p < 0.05, *p < 0.10. Model 1 is estimated using a linear 
probability model (LPM); Model 2 is estimated using an OProbit regression. The symbol † denotes variables measured 
using buffers with a radius of 10 km, while Φ denotes variables that have been standardized. Control variables include 
nighttime light, population size, urban residence, trust in government, trust in the armed forces, perception of 
government corruption, educational level, age, gender, access to electricity, road quality in respondents’ neighbor
hoods, and the presence of security checkpoints. The regression models are based on data from Rounds 9 and 10 of the 
Afrobarometer survey conducted in Nigeria in 2022 and 2024, respectively.
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Section B

Below I discuss the control variables included in the regression models. Unless otherwise stated, all 
variables were derived from the Afrobarometer survey.

Nighttime light serves as a proxy for the level of economic development in the community where 
respondents live. Specifically, it measures the mean nighttime light intensity within a 10 km radius 
of each respondent’s dwelling in 2020 (Ghosh et al. 2021).10 This variable ranges from 0 to 63, with 
higher values indicating greater light intensity and, by extension, better economic conditions. 
Indeed, nighttime light has been established as a reliable indicator of human well-being and local 
wealth (Weidmann and Schutte 2017). Because the raw data are provided in gridded format, 
I computed the estimates within the radius using QGIS software. From a theoretical standpoint, 
low economic development may foster frustration with democratic governance, potentially driving 
individuals to support military rule – particularly if the military is perceived as more capable of 
improving the population’s socioeconomic conditions.

Lived poverty index measures respondents’ level of material deprivation. Following Mattes, 
Bratton, and Davids (2002), I constructed an index from five items assessing how frequently, during 
the previous year, respondents and their families went without basic necessities: food, clean water, 
medical care, cooking fuel, and cash income. Each item was measured on a five-point scale from ‘0  
= Never’ to ‘4 = Always.’ Totalling up these responses yielded a scale from 0 to 20, where higher 
scores reflect greater levels of lived poverty. The index demonstrates high internal consistency, with 
a Cronbach’s alpha of 0.812. Beyond the potential for poverty to increase support for military rule – 
as discussed regarding nighttime light—it is also possible that the poor may oppose military 
intervention. This stems from the risk that military rule might disrupt the patron-client networks 
already established between political elites and the impoverished, which can be beneficial to the 
latter (Tuki 2024a).

Electricity grid is coded as 1 if the respondent’s community is served by an electricity grid and 0 
otherwise. Access to public goods, such as electricity, serves as an indicator of economic develop
ment and can shape regime preferences via the same mechanisms discussed regarding nighttime 
light.

Good road measures the condition of said infrastructure in the respondent’s area of residence on 
a Likert scale ranging from ‘1 = Impassable’ to ‘6 = Very good.’

Trust in government index is based on three items surveying how much respondents trust the 
president, the National Assembly, and the courts. Responses are measured on a four-point ordinal 
scale ranging from ‘0 = Not at all’ to ‘3 = A lot.’ I created an additive index by summing the ordinal 
values of the responses across the three items, resulting in a scale from 0 to 9, with higher scores 
indicating greater trust in the government. The index showcases strong internal reliability, with 
a Cronbach’s alpha of 0.77. Research has found a negative correlation between trust in democratic 
institutions and support for military rule (Sarigil 2015).

Corruption index is measured using three items assessing the extent to which respondents 
believe the president, the national assembly, and the courts to be parties to corruption. Responses 
are recorded on a four-point scale ranging from ‘0 = None’ to ‘3 = All of them.’ These items were 
combined into an additive index ranging from 0 to 9, with higher scores indicating greater 
perceived corruption. The index reveals strong internal reliability, with a Cronbach’s alpha of 
0.787. Research has found that individuals who consider the democratic government to be corrupt 
are more likely to support military rule (García-Rivero 2022).

Trust in armed forces is measured using an item asking respondents how much trust they have in 
the military, with responses recorded on a four-point ordinal scale ranging from ‘0 = Not at all’ to ‘3  
= A lot.’ Individuals who trust the armed forces may be more supportive of military rule because 
they believe the institution will perform better in terms of addressing security challenges (Bester  
2024).

Educational level is measured on a 10-point ordinal scale ranging from ‘0 = No formal 
schooling’ to ‘9 = Postgraduate.’ Research suggests that more educated individuals are less 
likely to support authoritarian regimes, as education often fosters values associated with 
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democratic governance and critical inquiry (Han 2022; Sanborn and Thyne 2014; Stubager  
2008).

Male is a binary variable coded as 1 if the respondent is male and 0 if female. Previous research 
suggests that women may be more supportive of authoritarian governments than men (Cassell, 
Booth, and Seligson 2018).

Age is measured in years. In the Nigerian context, older individuals may be more likely to have 
experienced military rule and its associated abuses; consequently, they may be less supportive of 
such a government.

Checkpoint is coded as 1 if a respondent’s neighborhood contains a roadblock estab
lished by the police or the army, and 0 otherwise. The presence of such security checkpoints 
may correlate positively with support for military rule, particularly in communities where the 
armed forces serve as the only visible institution. Furthermore, citizens may credit the 
military, rather than the civilian government that deployed them, with providing security – 
a perception that ultimately enhances the armed forces’ legitimacy in the eyes of the 
population.

Urban is coded as 1 if a respondent resides in an urban area and 0 if they live in a rural area. 
Research has found that individuals living in rural areas are more likely than their urban counter
parts to exhibit authoritarian ideologies (Dyrstad 2013).

Log population measures the total number of individuals living within a 10 km radius of 
respondents’ dwellings in 2020, based on data from WorldPop (University of 
Southampton).11 Because the raw population data are in gridded format, I calculated the 
total population within the radius using QGIS and subsequently applied a log 
transformation.
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