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Abstract

Despite the high incidence of farmer-herder conflicts in Nigeria, large-N quantitative research on
the religious dimension of these conflicts remains scarce. This study addresses that gap using data
from rounds 7 and 8 of the Afrobarometer surveys conducted in Nigeria in 2017 and 2020.
Specifically, it examines how religious affiliation and the religious composition of an area influence
concerns about farmer-herder conflicts. Regression analysis reveals no significant difference in
concern between individuals living in predominantly Muslim versus Christian areas. However,
religious affiliation plays a crucial role, with Muslims generally expressing less concern about these
conflicts than their Christian counterparts. Disaggregating the data by survey year, a shifting pattern
emerges: in 2017, individuals in predominantly Muslim areas were less concerned about farmer-
herder conflicts than those in Christian areas, but by 2020, this trend had reversed. This shift may
be linked to the rise in banditry involving nomadic pastoralists in Nigeria’s predominantly Muslim
Northwest region. Notably, in 2020, Muslims and Christians exhibited no significant differences in
their level of concern. Further analysis shows that Muslims and residents of predominantly Muslim
areas are more likely to perceive a decline in farmer-herder conflicts and report fewer experiences

of pastoral conflicts around of their dwellings.

JEL classification: D74, N57, Q24, Q25, Z12
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1. Introduction

Conflicts between nomadic Fulani herders and sedentary communities, especially those involved
in crop cultivation, are not a recent phenomenon in Nigeria. Writing six years after Nigeria’s
independence from British colonial rule, Ibrahim (1966, p. 174) highlighted the tendency for
conflicts to occur between both actors when cattle strayed into farmlands and destroyed crops:
“There is thus a continual struggle between Borori [nomadic Fulani herders] and farmers, and when
a dispute goes to the courts—it does in the majority of cases—it invariably ends in the Bororo
paying heavy compensation for damage to crops.” Contemporary farmer-herder conflicts differ
from those in earlier times in two respects: First, earlier conflicts were not violent, and second,
legal remediation was often used to resolve them. By contrast, contemporary conflicts are
characterized by the frequent use of violence as a means of dispute resolution (Human Rights
Watch 2018).

Data from the Armed Conflict Location and Event Data Project (ACLED) (Raleigh et al.,
2010) shows that between 1997 and 2023, there were 8,651 conflict incidents in Africa involving
pastoralists, resulting in 29,781 fatalities." Although these incidents spanned 38 countries, Nigetia
alone accounted for one-third of the total incidents and half of the fatalities. Most studies on
farmer-herder conflicts suggest they arise from the adverse effects of climate change, particularly
droughts and rising temperatures. A macro study on Africa by McGuirk and Nunn (2025) revealed
that decreased rainfall in territories inhabited by herders often led to conflicts in nearby areas
occupied by sedentary farmers. This occurred because harsh climatic conditions forced pastoralists
to migrate to agricultural areas in search of water and pasture for their livestock, thereby increasing
the risk of conflict in agricultural areas. Another study on Africa by Ebetle et al. (2025) found that
rising temperatures heightened the risk of conflicts in regions inhabited by both herders and
farmers. Issifu et al. (2022) conducted qualitative interviews with nomadic herders in Agogo

community in Ghana, which revealed that environmental degradation, particularly droughts, made

1] use the terms “pastoralist” and “herder” synonymously in this study.
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it increasingly difficult to find pasture and water for their livestock in their origin communities.
This prompted herders to migrate southward in search of better environmental conditions. Agogo
was a natural choice due to its fertile lands, abundant pasture, adequate rainfall, and reliable water
sources, making it highly suitable for pastoralism. However, the very environmental factors that
make Agogo attractive for both pastoralism and agriculture have led to increased pressure on land
and water resources, heightening the risk of clashes between farmers and herders (Issifu et al. 2022;
Appiah-Boateng & Bukari 2022). Studies examining the relationship between climate change and
farmer-herder conflicts have also been conducted in Nigeria (Madu & Nwankwo 2021; Akinyemi
& Olaniyan 2017; International Crisis Group 2017), Mali (Brottem 2016), and Céte d’Ivoire (Cabot
2017).

The widespread availability of small and light weapons (SALW) and the broader climate of
insecurity in the Sahel Region have been cited as key drivers of violent farmer-herder conflicts. The
easy accessibility of SALW has led to the militarization of nomadic herders, who now carry arms
for self-defense. Additionally, the 2011 collapse of the Libyan government, combined with the
porous borders of Sahelian countries, has facilitated the uncontrolled spread of SALW, further
exacerbating regional instability (Chavez & Swed 2024; Strazzari & Tholens 2014). As Blench
(2019, p. 12) has observed, “A lack of established relationships with local farmers, as well as the
psychological insecurities related to war, kidnapping and rustling, makes the incoming herders
more likely to use their weapons to defend their herds.” Sedentary communities engaged in crop
agriculture have also resorted to arming themselves, especially given the ineffectiveness of Nigeria’s
security agencies (Abati 2024; Kasa et al 2023). This has led to a scenario where conflicts over land
and water resources, which might have been resolved amicably between farmers and herders in the
absence of weapons, turn violent. Changes in land use have also been identified as a key driver of
conflict. A study by Usman and Nichol (2022) in Nigeria found that between 1980 and 2014,
grazing land declined significantly due to agricultural expansion, urbanization, and population

growth. As a result, the shrinking availability of grazing land intensified competition between



nomadic herders and farmers, increasing the incidence of conflict.

But do farmer-herder conflicts have a religious dimension? Ajala (2020) contends that
emphasizing the religious aspect of these conflicts detracts from addressing their underlying causes,
fostering distrust and deepening inter-communal animosity. This, in turn, creates a fertile ground
for elites to exploit ethnoreligious divisions within the Nigerian population to advance their
political agendas. Similarly, Blench (2019, p. 12) observes that farmer-herder conflicts are often
“seized on by irresponsible politicians and social media commentators to frame the clashes in
religious terms, a narrative which suits those who like simple, science-free analyses, which also
justify the irresponsible exercise of political power.” Despite counterarguments, examining the role
of religion in farmer-herder conflicts is crucial, given that Nigerians are among the most religious
people in the world (Poushter et al. 2019) and may interpret these conflicts through a religious lens.
Survey data from Kaduna State in 2021 supports this perspective, revealing that 34% of the
population attribute farmer-herder conflicts to religious causes, compared to 22% who link them
to climate change.” Moreover, religion is deeply embedded in Nigerians’ daily lives (Campbell &
Page 2018, pp. 69—83), making it an essential factor in understanding the conflict holistically.

In Nigeria, nomadic pastoralists are predominantly Fulani and Muslim,’ while the sedentary
farming communities they often clash with may be either Muslim or Christian. Farmer-herder
conflicts are most concentrated in the Middle Belt region, particularly in Plateau and Benue states,

where the majority of the population is Christian (see Figure 2). This geographic and cultural divide

> Notably, Kaduna ranks third among Nigeria’s 36 states in terms of the frequency of farmer-herder
conflicts. The statistic cited was derived from novel survey data (n = 1,353) collected in Kaduna in 2021 as
part of the Transnational Perspectives on Migration and Integration (TRANSMIT) research project. For more
information on the project visit: https://www.projekte.hu-berlin.de/en/transmit

® In 2021, the WZB Berlin Social Science Center in Germany conducted a survey in Kaduna, a northern
Nigerian state, specifically targeting nomadic pastoralists. A total of 255 pastoralists were interviewed—a
significant number given the challenges of reaching this highly mobile population. All respondents were
Muslims, with the vast majority belonging to the Fulani ethnic group, except for three individuals who
identified as Hausa. Having coexisted for centuries, the Hausa and Fulani are culturally proximate. Members
of the Fulani ethnic group are typically Muslims. In the Rounds 7 and 8 Afrobarometer surveys (BenYishay
et al. 2017), there were 151 Fulani respondents. Except for 2 individuals, they were all Muslims.

4+ Nigerians are typically either Muslims or Christians. Nigeria’s population is almost evenly split between
Muslims and Christians, reflecting a deep-rooted cultural and religious divide. This division traces back to
the country’s precolonial history, shaping social and political dynamics to this day.
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has contributed to the perception that these conflicts are religiously motivated. Indeed, in-depth
qualitative interviews conducted in the Middle Belt region reveal that Christian farmers perceive
these conflicts as deliberate attempts by Muslim Fulani herders to seize their lands and impose
Islam on their communities (Nwankwo 2024a, 2024b, 2024c). A report by the Christian
Association of Nigeria (2018) frames farmer-herder conflicts as targeted attacks by Muslims against
Christians. A study by Chiluwa and Chiluwa (2022, p. 6) finds that “the Nigerian press generally
frames the conflict as ‘massacre’, ‘savagery’ or a ‘bloody campaign’ being carried out by the Fulani
herdsmen against Christian farm owners.”

A common feature of studies exploring the role of religion in farmer-herder conflicts is
their reliance on qualitative methods, particularly interviews and news reports. While qualitative
research—especially in-depth interviews—offers valuable insights by wuncovering causal
mechanisms and capturing the nuances of individual experiences, its scope is often limited by the
small number of observations. Apart from the recent study by McGuirk and Nunn (2025), no large-
N quantitative study, to my knowledge, has specifically examined the role of religion in farmer-
herder conflicts. Their analysis confirmed that, across Africa, pastoralists are predominantly
Muslim, while farmers are mainly Christian. However, they found that religion was a weak predictor
of conflict. This led them to conclude that “transhumant pastoralism is considerably more
important than religion in predicting the incidence of jihadist conflicts due to adverse rainfall in a
cell’s nearest neighbour.” (McGuirk & Nunn 2025, p. 400).

This present study examines the role of religion in farmer-herder conflicts, with a particular
focus on Nigeria. Specifically, it investigates whether living in a local government area (LGA) (Le.,
municipality) with a predominantly Muslim population is associated with lower concern about
farmer-herder conflicts. Additionally, it examines potential differences in the level of concern
between Muslim and Christians regarding farmer-herder conflicts. This study is novel in a variety
of ways. First, it utilizes large-N survey data that are representative of the Nigerian population,

addressing the notable gap in large-scale quantitative studies on the religious dimension of farmer-



herder conflicts in Nigeria and other African countries. Second, this study introduces a novel
approach in the Nigerian context by considering the spatial dimension of the conflicts involving
nomadic herders and extrapolating the religious composition of the population based on religious
infrastructure (mosques and churches)—an important innovation given that Nigerian censuses
typically do not collect data on religious affiliation due to its sensitivity. Finally, this study integrates
data from multiple sources, including ACLED, Georeferenced Infrastructure and Demographic
Data for Development (GRID3), Afrobarometer, Demographic and Health Survey (DHS),
Transnational Perspectives on Migration and Integration (TRANSMIT) survey, as well as raster
data on literacy rates and poverty from the Humanitarian Data Exchange (HDX) database.

It is also important to delineate this study from the one conducted by McGuirk and Nunn
(2025). First, while McGuirk and Nunn (2025) take a broader African perspective, this research
focuses exclusively on Nigeria, paying particular attention to historical factors and local conditions.
Second, unlike their study, which relies primarily on objective data such as conflict incidence and
rainfall patterns, this study integrates both objective data and survey responses, capturing changes
in people’s perceptions of farmer-herder conflicts over time. This approach adds depth and nuance
to the analysis. Third, whereas McGuirk and Nunn (2025) classify conflicts into broad categories—
those involving jihadist and non-jihadist groups, as well as those involving state and non-state
actors—this study takes a more specific approach by concentrating on conflict incidents where at
least one actor is clearly identified as a “pastoralist” in the ACLED dataset. This distinction allows
for a clearer separation of herder-related conflicts from other forms of violence in Nigeria, such as
the Boko Haram insurgency and clashes involving secessionist groups in Nigeria’s Eastern Region.

Regression analysis reveals a nuanced relationship between religion and concern about
farmer-herder conflicts. Using pooled data from Rounds 7 and 8 of the Afrobarometer surveys,
conducted in 2017 and 2020, the analysis shows no significant differences in concern between
individuals living in predominantly Muslim versus Christian areas. However, religious affiliation

proves to be a key factor, with Muslim individuals, on average, expressing less concern about these



conflicts than Christians. Disaggregating the data by survey year reveals an interesting shift: In
2017, individuals living in predominantly Muslim areas and Muslims, expressed less concern about
these conflicts than those in Christian areas and Christians. However, by 2020, this pattern
reversed. Residents of predominantly Muslim areas showed greater concern, likely due to a rise in
banditry involving nomadic pastoralists in Nigeria’s predominantly Muslim Northwest Region. In
the same year, Muslim individuals expressed a level of concern on par with that of Christians.
Further analysis reveals that Muslims and residents of predominantly Muslim areas are more likely
to believe that the incidence of farmer-herder conflicts has declined over the past year. They are
also more likely to view the government’s conflict resolution efforts favorably, to trust members
of the Fulani ethnic group, and to report fewer experiences of pastoral conflicts within a 30 km
radius of their homes. These findings hold across pooled and disaggregated data.

This study contributes to the broader literature on intercommunal conflict, especially those
involving nomadic herders and sedentary farmers (e.g., McGuirk & Nunn 2025; Ebetle et al. 2025;
Nwankwo 2024a, 2024b; Tuki 2025, 2023; Eke 2022, 2020; Benjaminsen & Ba 2021). The
remainder of the study is organized as follows: Section 2 discusses the trend of pastoral conflicts
in Nigeria. Section 3 reviews the literature on intergroup conflicts and states the hypotheses.
Section 4 introduces the data and operationalizes the variables used to estimate the regression
models. The descriptive analysis is also incorporated into this section. Section 5 presents and

discusses the regression results, while Section 6 summarizes the study and concludes.

2. Trend of pastoral conflicts in Nigeria

The ACLED dataset (Raleigh et al. 2010) shows that between 1997 and 2023, there were 2,809
conflict incidents in Nigeria involving at least one actor identified as a “pastoralist” or belonging
to the “Fulani” ethnic group. This includes incidents perpetrated by and against Fulani pastoralists.
In Nigeria, nomadic pastoralists are typically Fulani, a relationship reflected in the ACLED dataset,
which provides information on both the occupations and ethnicities of the conflict actors. Notably,

77% of these incidents resulted in at least one fatality, highlighting their violent nature (see Figure
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1). The majority of the incidents were categorized as violence against civilians (73%) and battles

(21%), while the remaining 6% were classified as explosions/remote violence (1.2%), protests

(0.3%), riots (1.5%), and strategic developments (3.1%0).
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Figure 1: Trend of pastoral conflicts in Nigeria, 1997-2023

Note: The dotted curve visualizes the annual trend of all pastoral conflicts in Nigeria from 1997 to 2023, while
the dashed curve considers only pastoral conflicts that resulted in at least one fatality. The y-axis displays the
number of incidents, while the x-axis represents the years. The figure is based on data from the Armed Conflict

Location and Events Data Project (ACLED).
Figure 1 shows that pastoral conflicts rarely occurred before 2010. In fact, only 2% of the

2,809 total incidents occurred before 2010. After 2009, there was a noticeable surge in conflict

incidents, with a peak in 2018, where nearly 500 incidents were recorded.” What explains the surge
in pastoral conflicts after 20092 To answer this question, I need to highlight the significant change
that occurred in Nigeria in the watershed year of 2009. That year marked the start of the Boko Haram
insurgency (Adesoji, 2010), which led to increased conflicts in the following years.® George et al.
(2022) studied the impact of Boko Haram attacks on farmer-herder conflicts and found that the

former caused the latter. Nomadic herders have been displaced from their primary grazing areas

5 Figure D1.1 in the appendix visualizes the geolocations of pastoral conflicts across Nigeria’s 36 states from

1997-2009, and from 2010-2023, allowing for a comparison between the two petiods.
¢ Boko Haram is a radical Islamist group that opposes the westernization of Nigeria. It seeks to establish a

caliphate governed strictly by Islamic law (see Anugwom 2019).
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by Boko Haram attacks, forcing them to migrate with their livestock to safer areas. This has led to
increased competition for land and water resources in host communities between nomadic herders
and the resident population, which in turn has increased the risk of conflict.” They have also
highlighted the tendency for some resident communities to associate Muslim nomadic herders with
Boko Haram insurgents, leading to distrust in herders and a higher risk of conflict.

The advent of the Boko Haram insurgency ushered in a new, unprecedented phase of
systematic violence in Nigeria. At the height of Boko Haran’s activity, the Nigerian government was
diverting most of its attention and resources towards fighting the group, especially because of its
indiscriminate use of violence in the pursuit of its objectives. This might have prompted the
government to neglect lower intensity conflicts like those between farmers and herders, allowing
them to fester. Moreover, the inability of the Nigerian government to deal decisively with Boko
Haram may have eroded trust in the state’s security apparatus. It may also have led to the
normalization of violence, which in turn may have made people less hesitant to employ violence

in the resolution of disputes over land and water resources.

7 Figure D1.2 in the appendix shows that pastoral conflicts form an arc around incidents perpetrated by the
radical Islamist group Boko Haram.
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Figure 2: Distribution of pastoral conflicts across Nigeria (1997-2023)

Note: Panel A is a graduated map that visualizes the incidence of pastoral conflicts across Nigeria’s 36 states and
its federal capital, Abuja. Panel B visualizes the distribution of these conflicts across Nigeria’s 774 local
government areas (LGAs) (i.e., municipalities). Each Nigerian state consists of senatorial districts, which are
further subdivided into LGAs. The figure is based on data from the Armed Conflict Location and Events Data
Project (ACLED).

A notable characteristic of pastoral conflicts is their widespread occurrence across all
Nigerian states. This contrasts with attacks by the radical Islamist group Boko Haran, which have
been largely confined to a few northeastern states (Borno, Yobe, and Adamawa) (see Figure D1.2
in the appendix). As shown in Panel A of Figure 2, each Nigerian state recorded at least one pastoral
conflict between 1997 and 2023, with 29 reporting at least 10 incidents. The incidents are
concentrated in the eastern part of the Middle-Belt region, as evidenced by the high conflict
incidence in Benue and Plateau States, which recorded 482 and 446 incidents, respectively. Both
states have predominantly Christian populations. Although Kaduna has the third-highest incidence
of pastoral conflicts, they are concentrated in the predominantly Christian southern part of the

state (Tuki 2024). Northern states like Zamfara and Katsina, which have predominantly Muslim
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populations, have also experienced a significant number of pastoral conflicts. However, unlike in
Benue and Plateau, the conflicts in Zamfara and Katsina are more recent and are largely linked to
attacks by bandits, who are Fulani pastoralists (Saminu et al. 2023; Ejiofor 2021). I will discuss this
in more detail in Section 5. Panel B visualizes the distribution of pastoral conflicts across Nigeria’s

774 local government areas (LGAS).

3. Theoretical considerations

Research on intercommunal conflicts highlights the importance of understanding what cultural
identities are held by the actors involved, how these identities shape the perception of threat, and
how these perceptions lead to intergroup conflicts (Nwankwo 2024a; Eke 2022; Bunte & Vinson
2016; Varshney 2002). In his classic book, The Nature of Prejudice, Allport (1954) used the term
“separateness” to describe the tendency among people to associate with those who share similar
characteristics, such as class, race, or ethnicity. Separateness, he argued, was not necessarily driven
by prejudice but rather by convenience, as “it requires less effort to deal with people who have
similar presuppositions” (Allport, 1954, p. 17). However, he also noted that separateness could
undermine communication across groups, exaggerate group differences, and lead to conflicting
interests. He recommended more intergroup contact as a way to reduce frictions between groups.
For such contact to yield positive results, some conditions needed to be met: the groups needed to
be willing to cooperate rather than compete, they needed to work towards a shared goal, and they
had to be of equal status.

Eke (2022) conducted a qualitative study in the Northern Nigerian state of Plateau to
explore why some communities experienced Christian-Muslim violence while others did not. The
study found that segregation along religious lines led to polarization by severing communication
between groups, which, in turn, amplified perceptions of the outgroup as a threat. In contrast, in
communities where the two groups maintained regular contact, the likelihood of conflict was
significantly lower. This effect was particularly pronounced when leaders of both religious groups

engaged with each other, signaling to their followers that the outgroup was less threatening than
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presumed and that dialogue was possible. Similarly, a study that sought to understand the variation
in Hindu-Muslim conflicts across different communities in India found that “Where such networks
of engagement exist, tensions and conflicts [between Hindus and Muslims| were regulated and
managed; where they are missing, communal identities led to endemic and ghastly violence”
(Varshney 2002, p. 9).

In a study examining 38 districts (municipalities) in the Nigerian states of Plateau and
Kaduna, Bunte and Vinson (2016) found that the likelihood of Muslim-Christian conflicts was
significantly lower in districts with informal power-sharing arrangements between Muslims and
Christians. They argued that these arrangements reduced the incentives for political elites to
manipulate religious divisions for political gain. Additionally, the study revealed that in districts
with such power-sharing structures, the population was less likely to perceive religious outgroup
members as threats. In an experiment conducted in the Nigerian states of Benue and Nasarawa,
Grady et al. (2023) found that collaboration between nomadic pastoralists and sedentary farmers
to build shared infrastructure led to increased intergroup trust. This positive shift in attitudes
toward one another then spread throughout the broader community.

Some studies have focused specifically on how the perception of threat increases the
likelihood of conflicts between nomadic Fulani herders and sedentary communities engaged in
crop agriculture. In a study of nomadic Fulani herders in Nigeria, Eke (2020) observed that when
they migrated to Southern Nigeria, Fulani herders often established distinct communities separate
from the host population. While he acknowledged that this segregation might partly stem from the
herders’ desire to preserve their unique cultural identity, he also highlighted the role of hostility
from the host population in shaping this pattern. This hostility is often rooted in perceptions of
herders as backward, uncivilized, and predisposed to violence. A qualitative study by Nwankwo
(20242) in Nigeria’s Benue Valley found that Christian communities interpret farmer-herder
conflicts as strategies by Muslim herders to convert them to Islam. Moreover, he found that

Christians view farmer-herder conflicts as a continuation of the early 19th-century jihad launched
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by the Fulani cleric, Usman dan Fodio.* Similarly, Eke (2020, p. 754) obsetves that: “Public
discourse around the [farmer-herder| conflict shows patterns that mirror the ethno-political divide
between the Christian-dominated south and Muslim-dominated north, and that show a lack of faith
in security agencies.”

Religion has been a defining force in shaping Nigeria’s societal dynamics, from the
precolonial era to the present day (Vaughan 2016; Kukah 1993; Ibrahim 1991). Nigeria’s
postcolonial history (i.e., from 1960) has been marked by frictions between its two major religious
groups (i.e., Muslims and Christians), as evidenced by the Shariah debates in the late 1970s (Laitin
1982), Nigeria’s controversial membership in the Organization of Islamic Cooperation (OIC) in
1986 (Faseke 2019), the Kafanchan Crisis in 1987 (Suberu 2013), the Shariah Crisis in 2000
(Angerbrandt 2011), and the recurrent Muslim-Christian clashes in Plateau State (Krause 2018;
Madueke 2017), among others.” This religious divide also plays out in the political sphere, where
people typically tend to vote along ethnoreligious lines (Ostien 2012).

I thus expect individuals living in areas with predominantly Muslim populations to be less
concerned about farmer-herder conflicts than those living in areas with predominantly Christian
populations. This is because the predominance of Muslims in an area reduces the likelihood of
Muslim herders coming into contact with Christian sedentary peoples. In other words, the
predominance of Muslims in an area should increase the likelihood of Muslim herders interacting

with Muslim sedentary peoples. The absence of a religious cleavage, due to the shared religion of

8 Until its capture by the British in 1903, Northern Nigeria had been an Islamic caliphate for a century (Kirk-
Greene 1965). A jihad launched by a Muslim cleric of Fulani ethnicity, Usman dan Fodio, led to the
establishment of the Sokoto Caliphate (Smith 1976, p. 48). The successful jihad led most people in the
region to substitute Islam for their traditional religions. However, not all parts of the North were under the
control of the Muslim Emirates during the precolonial period. This includes areas coinciding with the states
of Plateau, Benue, and the southern part of Kaduna State, which were able to resist the attacks launched by
jihadists from the Muslim emirates due to their skill in warfare and strategic military advantages provided
by geography (Morrison 1982). With the advent of colonialism and Christian missionary evangelization,
these peoples substituted Christianity for their traditional religions as a form of collective action against the
threat of domination by the Muslim emirates (Vaughan 2016). These areas, which are Christian enclaves in
the predominantly Muslim Northern Region today, have the highest incidence of farmer-herder conflicts.
° The contentious relationship between Muslims and Christians in Nigeria may be associated with the
religious distribution of its population. Nigeria’s population is evenly split between Muslims and Christians
(Campbell & Page 2018, p. 72), and research has found that polarization peaks when a society’s population
is evenly divided between two cultural groups (Montalvo & Reynal-Querol 2005, 2003).
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Islam between the parties, should make it easier for disputes over land and water resources to be
resolved peacefully, leading to a lower incidence of conflict. As a result, individuals in
predominantly Muslim areas should be less concerned about farmer-herder conflicts, as they
perceive a lower risk of victimization.

At this juncture, I must point out that farmer-herder conflicts often begin at the individual
level—that is, between an individual farmer and herder—before escalating to the communal level
(Grady et al. 2023). For instance, a cow might stray onto farmland and destroy crops, leading to
conflict between the farmer and the owner of the cow. The conflict might turn violent, resulting
in the death of or injury to one of the parties or the livestock. This creates grievances among
members of the associated ethnoreligious groups, especially the group tied to the individual who
incurred the greater loss in the initial scuffle. Revenge, if sought, is usually carried out at the
communal level. In other words, people are attacked not because they were involved in the initial
provocation, but because of their cultural association with the actors in the initial provocation
(Olufemi 2021; Miiller-Jung & Oneko 2018)." A study by Tuki (2024) in the Northern Nigerian
state of Kaduna reveals differing perspectives on farmer-herder conflicts between Muslims and
Christians. Half of the Christian population believes these conflicts are religiously motivated, while
only one in six Muslims share this view. This suggests that Christians are more likely than Muslims
to interpret the conflicts through the lens of pre-existing religious divisions, which could heighten
the risk of conflict between Christian communities and Muslim herders.

The reluctance among Muslims to attribute farmer-herder conflicts to religion may be
linked to their shared religion of Islam, making them members of the same ingroup.'' As Coleman
(1958, p. 39) noted, two years before Nigeria’s independence from British colonial rule, “Islam
provided a transtribal bond which has been one of the most powerful integrative factors in

Northern Nigeria.” A shared religion makes it easier for trust to be established between the

19 Psychologists refer to this pattern of revenge as vicarious retribution (see Lickel et al. 2006).

! Nigerians generally attach more importance to their religious identity than their national identity (see Tuki
2024b; Agbiboa 2013).
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conflicting parties, which facilitates the peaceful resolution of conflicts. Moreover, the conflicting
parties could easily refer the dispute to a religious authority (e.g., an Imam) whom they both respect,
further lowering the likelihood of the dispute deteriorating into violence. I thus expect that,
compared to Christians, Muslims would be less concerned about farmer-herder conflicts.

The discussion so far forms the basis of the following hypotheses:

H1: Living in a majority-Muslin area negatively correlates with concern about farmer-berder conflicts.

H2: Muslim affiliation negatively correlates with concern about farmer-berder conflicts.

4.  Data and methodology

This study relies mainly on data from Rounds 7 and 8 of the Afrobarometer surveys (BenYishay
et al. 2017), conducted in 2017 and 2020, respectively.'” T used data from these rounds because they
contain questions on farmer-herder conflicts. Each survey round, which is representative of
Nigeria’s population, consists of 1,600 observations, giving a total of 3,200 observations across the
two rounds.” Data were collected from each of Nigeria’s 36 states plus the federal capital tetritory,
Abuja. Respondents were at least 18 years old. Males and females were equally represented in the
sample, with a ratio of 50:50, while the ratio of Muslims to Christians was 46:54.

I supplemented the Afrobarometer dataset with data obtained from the Demographic and
Health Surveys (DHS), the Georeferenced Infrastructure and Demographic Data for Development
(GRID3) database, and novel survey data collected as part of the Transnational Perspectives on
Migration and Integration (TRANSMIT) research project.'* I discuss the DHS and GRID3 datasets

in Section 4.1.2, where I operationalize the explanatory variable.

12'T'o access the Afrobarometer data and the survey questionnaire, visit: https:/ /www.afrobarometer.org/
13 For  detailed information  regarding  Afrobarometer’s  sampling  strategy  visit:
https:/ /www.afrobarometer.org/surveys-and-methods/sampling/

1 For more information on the TRANSMIT project visit: https:/ /www.projekte.hu-berlin.de/en/transmit
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4.1.  Operationalization of the variables

4.1.1. Dependent variable

Concern F-H conflict. This variable measures the degree to which respondents are concerned
about farmer-herder conflicts. Specifically, respondents were asked, “How concerned are you
about the conflicts between farmers and herdsmen?” The responses were measured on a scale with
four ordinal categoties, ranging from “1 = not concerned at all” to “4 = very concerned.””” This
variable had a mean of 3.46, indicating that most Nigerians are concerned about the conflict (see
Table 1). A limitation of this variable is that it only asks respondents about their general level of
concern, without any specifics on the source of this concern. For instance, might people be
concerned about the conflict because they worry they might be victimized? Or because they worry
that farmer-herder conflicts could lead to food insecurity? Or are they worried because they feel
the Nigerian government has not done enough to protect their lives and property? While it would
have been helpful to have some specificity regarding the source of concern, I cannot address this
problem because this study relies on secondary data, forcing me to rely on questions not drafted
with this research project in mind. Nevertheless, in this study, I interpret concern about farmer-
herder conflicts as the fear of being victimized. This interpretation is supported by the widespread

nature of these conflicts across Nigeria (see Figure 2 above and Figure D1.1 in the appendix).

15 In the raw Afrobarometer dataset, larger ordinal values denoted less concern about farmer-herder
conflicts. For easier interpretation of the regression results, I inverted the ordinal values assigned to the
various response categories so that larger ones denote more concern about the conflict.
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Figure 3: Religious and gender distribution of awareness about farmer-herder conflicts

Note: The figure shows the degree to which respondents are aware of farmer-herder conflicts based on
survey round, religious affiliation (i.e., Muslims and Christians), and gender (men and women). The x-axis
in Panel A shows the total number of observations in the pooled dataset derived from the Rounds 7 and 8
Afrobarometer surveys conducted in 2017 and 2020, respectively, as well as the number of observations
from the respective rounds. The x-axis in Panels B and C, which are based on the pooled data, shows the
number of respondents who are Muslims and Christians, as well as those who are men and women. The y-
axis in all the panels shows the percentage of respondents associated with the various response categories.

Before respondents were asked how concerned they are about farmer-herder conflicts, they
were first asked a filter question about the degree to which they were aware of the conflict. Those
who had at least “a little bit” of knowledge about the conflict were then asked how concerned they
were about it. To better understand the nonresponse patterns, I plotted the responses to the filter

question on stacked bar charts, disaggregating the data based on survey round, religious affiliation

18



(i.e., Muslims and Christians), and gender (men and women) (see Figure 3). The first bar in Panel
A is based on pooled data from the Rounds 7 and 8 Afrobarometer surveys, conducted in 2017
and 2020, respectively. Of the 3,137 total respondents who were asked the filter question, 445 said
they had heard “nothing at all” about farmer-herder conflicts, which is equivalent to 14% of the
sample. Disaggregating the data based on survey round shows that the number of people who
claimed to have heard nothing about the conflicts declined between the survey rounds. In 2017,
19% of the respondents (n = 300) claimed to have heard “nothing at all” about the conflict. In
2020, only 9% of the respondents (n = 145) chose that response.

Panel B disaggregates the pooled data based on religious affiliation to determine whether
there were any significant disparities between Muslims and Christians in terms of their awareness
of the conflict. Although more Christians than Muslims claimed to have heard “nothing at all”
about farmer-herder conflicts, the difference between the two groups was small. Panel C, which
disaggregates the pooled data based on gender, shows that more women than men claimed to have
heard “nothing at all” about the conflict. The difference between the two genders was not large.

Because the question on concern about farmer-herder conflicts, from which I derived the
dependent variable, was asked only to the subsample of respondents who had heard at least “a little
bit” about the conflict, I used only this subsample of respondents to estimate the regression
models. This led to a 14% decrease in the sample size. I treated “don’t know” and “refused to
answer” responses as missing observations. I applied this rule to all variables derived from the
Afrobarometer survey. Although I could have combined respondents who had heard “nothing at
all” about the conflict with those who were “not concerned at all” about it—since people who
have not heard about the conflict cannot be concerned about it—I refrained from doing so because
those who claimed to have heard nothing about the conflict might well have done so to avoid
discussing the topic. This is plausible given the close association between farmer-herder conflicts
and religion in Nigeria, which is a very sensitive topic. Moreover, given the ubiquity of farmer-

herder conflicts across all Nigerian states, coupled with the topic’s salience in popular discourse, it
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is highly unlikely that any Nigerian adult has heard “nothing at all” about the conflict.

A: Pooled data B: Round 7 (2017) C: Round 8 (2020)
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Figure 4: Religious affiliation and concern about farmer-herder

Note: The figure shows the distribution of responses to the question asking respondents how concerned
they are about farmer-herder conflicts. Respondents were disaggregated based on religious affiliation and
survey round/year. Panel A is based on the pooled data derived from the Rounds 7 and 8 Afrobarometer
surveys, conducted in 2017 and 2020, respectively. Panel B is based on the Round 7 data only, while Panel
C is based on the Round 8 data only. The x-axis shows the total number of respondents who were asked
the question, as well as the subsample of respondents based on religious affiliation (i.e., Muslims and
Christians). The y-axis shows the percentage of respondents associated with the various response categories.

Figure 4 visualizes the dependent variable, which measures concern about farmer-herder
conflicts on a stacked bar chart. Panel A, based on the pooled data collected in 2017 and 2020,
shows that most Nigerians are concerned about farmer-herder conflicts. Only 12% chose either

the “not concerned” or “not concerned at all” response categories. Disaggregating the data based
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on religious affiliation, I find that Muslims were slightly less concerned about the conflict than
Christians: While 14% of Muslims gave either “not concerned” or “not concerned at all” responses,
the estimate for Christians was 10%. However, some nuances may be concealed when pooling the
data across the two survey rounds, as both the nature of farmer-herder conflicts and their frequency
may have changed between 2017 and 2020. This prompted me to disaggregate the data based on
survey round and religious affiliation. The Round 7 survey data show that in 2017, 13% of
Nigerians were either “not concerned” or “not concerned at all” about farmer-herder conflicts.
Disaggregating the data based on religious affiliation, I find that 16% of Muslims and 10% of
Christians were either “not concerned” or “not concerned at all” about the conflict, resulting in a
gap of 6 percentage points. The Round 8 survey data show that in 2020, 11% of Nigerians were
either “not concerned” or “not concerned at all” about farmer-herder conflicts. This means there
was a 2-percentage-point decrease in unconcern compared to 2017. Breaking down the data based
on religious affiliation reveals that 11% of both Christians and Muslims chose either the “not
concerned” or “not concerned at all” response categories. This contrasts with the Round 7 survey,

where Muslims were less concerned than Christians.
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Figure 5: Religious predominance and concern about farmer-herder

Note: The figure shows the distribution of concern about farmer-herder conflicts based on the
predominance of either Muslims or Christians in the local government areas (LGAs) (i.e., municipalities)
where respondents reside. The x-axis in the three panels shows the number of respondents residing in LGAs
with predominantly Muslim and Christian populations. The y-axis shows the percentage of respondents
associated with the various response categories. Panel A is based on the pooled data from the Rounds 7 and

8 Afrobarometer survey conducted in 2017 and 2020, respectively. Panel B is based on the Round 7 survey
only, while Panel C is based on the Round 8 survey only.

I also broke down the data based on the predominance of either Muslims or Christians in
the local government areas (LGAs) (i.e., municipalities) where respondents resided. I considered
LGAs with more mosques than churches to have predominantly Muslim populations, and those
with more churches than mosques to have predominantly Christian populations. Panel A in Figure

5, based on the pooled data from the Rounds 7 and 8 Afrobarometer surveys, shows a negligible
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difference between respondents living in predominantly Muslim and predominantly Christian
areas: 13% of respondents living in predominantly Muslim LGAs and 12% of respondents living
in predominantly Christian LGAs chose either the “not concerned” or “not concerned at all”
response categories. However, some heterogeneities might be masked when pooling data. This
prompted me to disaggregate the data by survey round and compare the religious subgroups. The
Round 7 data show that more respondents living in LGAs with predominantly Muslim populations
expressed unconcern about farmer-herder conflicts than those living in LGAs with predominantly
Christian populations. Specifically, 17% of people living in predominantly Muslim LGAs and 10%
of those living in predominantly Christian LGAs were either “not concerned” or “not concerned
at all” about farmer-herder conflicts in 2017. However, there was a reversal in 2020, as shown by
the Round 8 survey data: Individuals living in LGAs with predominantly Muslim populations
exhibited more concern about farmer-herder conflicts than those in LGAs with predominantly
Christian populations. Specifically, 9% of those living in predominantly Muslim LGAs and 13% of
those living in predominantly Christian LGAs were either “not concerned” or “not concerned at
all” about farmer-herder conflicts.

Because the responses to the question on concern about farmer-herder conflicts were
clustered in the “very concerned” and “somewhat concerned” response categories, I developed an
alternative measure of the dependent variable. In this measure, I coded these two responses as 1
and the “not concerned at all” and “not concerned” response categories as 0. I used this binary

variable to conduct a robustness check.

4.1.2. Explanatory variables

Dominant Muslim. This is a dummy variable that takes a value of 1 if the local government area
(LGA) (i.e., municipality) where the respondent resides has a predominantly Muslim population
and 0 if the population is predominantly Christian. Censuses are irregular in Nigeria, and in the
rare cases when they are conducted, information about religious affiliation is usually not collected.

This makes it difficult to obtain data on the religious composition of the population from official
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government sources. Although Nigeria’s last census was conducted in 2006, the 1963 census is the
only one that collected information about religious affiliation (Ostien 2012). Due to this limitation,
I extrapolated the religious composition of the population in the respective LGAs from a shapefile
containing the geolocations of religious infrastructure (i.e., churches and mosques) across Nigeria.
I obtained this data from the Georeferenced Infrastructure and Demographic Data for
Development (GRID3) database.'® Except for one state (i.e., Osun) for which data are unavailable,
the dataset covers all of Nigeria’s 36 states and the Federal Capital Territory of Abuja. The dataset
contains a total of 55,482 places of worship (i.e., 33,103 churches and 22,379 mosques). The
shapefiles for Nigeria’s LGA administrative boundaries were developed by the United Nations

Office for the Coordination of Humanitarian Affairs (UNOCHA)."
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Figure 6: Religious infrastructure across Nigeria

16 The GRID3 data for religious infrastructure was collected between November 2017 to December 2018.
To access it visit: https://gtid3.gov.ng/

17 To access the shapefiles containing  Nigeria’s  administrative ~ boundaries  visit:
https://data.humdata.org/dataset/nga-administrative-boundaries
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Note: Panel A shows the administrative boundaries of the 774 local government areas (LGAs) (e,
municipalities) that constitute Nigeria’s three major regions (i.e., Northern, Eastern, and Western Regions).
These regions align with the administrative divisions into which the British divided Nigeria in 1939, with
each corresponding to one of Nigeria’s three major ethnic groups. The Northern Region is dominated by
members of the Hausa/Fulani ethnic group, who are predominantly Muslim. The Eastern Region is
dominated by members of the Igbo ethnic group, who are predominantly Christian. The Western Region is
dominated by members of the Yoruba ethnic group, with Christians and Muslims equally represented in the
population. Panel B visualizes the geolocations of all churches and mosques rendered over a map containing
the LGA administrative divisions.

Using QGIS software, I computed the total number of mosques and churches in the
respective LGAs and then matched the geolocations of the respondents with the specific LGAs
where they resided. This was possible because the Afrobarometer survey dataset is georeferenced.
I developed a dummy variable, coded as 1 if an LGA had more mosques than churches, and 0 if it
had more churches than mosques. I considered an LGA to have a predominantly Muslim
population if it had more mosques than churches. When an LGA had more churches than
mosques, I considered it to have a predominantly Christian population. In the few cases where an
LGA had neither a church nor a mosque, or had an equal number of churches and mosques, I
treated the observation as missing.

Panel A in Figure 6 shows the LGAs that constitute Nigeria’s three major regions, while
Panel B visualizes the geolocations of mosques and churches across Nigeria. I deliberately rendered
the layer showing the mosques above that for the churches so I could better identify where
mosques were clustered. A quick look at Panel B reveals that mosques are concentrated in the
Northern Region, with a couple of enclaves where the population is predominantly Christian.
These enclaves, which coincide with the areas that did not fall under Muslim emirate rule during
the precolonial period, overlap with the states of Benue, Plateau, and the Southern part of Kaduna
State. These areas have the highest incidence of pastoral conflicts (see Panel A in Figure 2, and
Footnote 8).

In the Eastern Region, the population is predominantly Christian, with Muslims forming a
small minority, as evidenced by the limited number of mosques in the area. Both religious groups
are almost evenly represented in the Western Region. Southern Nigeria (ie., the Eastern and

Western Regions combined) has more churches than mosques because, unlike the peoples of the

25



North, they were more receptive to Western influence and Christian missionary evangelization
during the colonial period, leading them to adopt Christianity in place of their traditional religions."®

One might argue that religious infrastructure does not adequately capture the religious
composition of the population. For instance, the GRID3 dataset says nothing about the
membership size of the mosques and churches. To address this, I developed an alternative measure
using data from the Demographic and Health Surveys (DHS). Conducted regulatly across the
world, the DHS primarily focuses on health-related issues. Although the survey often oversamples
women, it also includes a substantial number of men, providing a large sample size. This dataset is
georeferenced, enabling me to pool survey data collected in Nigeria from 1990 to 2021 and match
the respondents’ geolocations with the respective LGAs where they reside.”

Since the DHS survey consistently asks respondents about their religious affiliation, I was
able to calculate the number of Muslim and Christian respondents in each LGA. While a few
respondents identified with neither of the two major religions, I treated these cases as missing data,
as this study focuses specifically on Muslims and Christians, the two dominant religions in Nigeria.
Overall, 1 analyzed the religious affiliations of approximately 208,000 respondents surveyed
between 1990 and 2021. Following the approach used for religious infrastructure, I created a
dummy variable coded as 1 if Muslims outnumbered Christians in an LGA and 0 if Christians
outnumbered Muslims. The correlation between the dummy variables derived from the religious
infrastructure and the DHS dataset was 0.85, indicating that religious infrastructure is a good proxy
for the religious composition of the population.

I developed two alternative measures for religious composition—Ratio of Muslims
(Infrastructure) and Ratio of Muslims (DHS)—where 1 operationalized the variable as a percentage

rather than as a binary measure. Ratio of Muslims (Infrastructure) was derived by dividing the number

18 Broadly speaking, Nigeria has two major regions: The Northern and Southern Regions. These two regions
were distinct protectorates of the British, until in 1914 when they were merged to form Nigeria. In 1939,
the British carved out the Eastern and Western Regions from the Southern Region.

19The Demographic and Health Surveys (DHS) dataset, which is conducted as a repeated cross-section, can
be accessed here: https://dhsprogram.com/Data/
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of mosques in an LGA by the sum of mosques and churches and then multiplying the ratio by 100.
Similarly, Ratio of Muslims (DHS), which is based on the DHS dataset, was calculated by dividing
the number of Muslims in an LGA by the total number of Muslims and Christians in the area, then

multiplying the ratio by 100.

Muslim affiliation. This dummy variable is coded as 1 for Muslim respondents and 0 for Christian
respondents. Out of the 3,200 observations in the Afrobarometer dataset, all respondents identified
as either Christian or Muslim, except for 17 individuals who had no religious affiliation. To
maintain a clear comparison between Muslims and Christians, these 17 cases were treated as
missing data, resulting in a slight reduction in the total number of observations. This variable had
a mean value of 0.46, indicating that Muslims comprised 46% of the sample, with Christians

accounting for the remaining 54% (see Table 1).

4.1.3. Control variables

Lived poverty index. Following Mattes et al. (2022), this variable, which proxies respondents’
socioeconomic conditions, measures the frequency with which they and members of their
households have gone without the necessities of life like food and water. Specifically, it was derived
from the question, “Over the past year, how often, if ever, have you or anyone in your family: (a)
Gone without enough food to eat? (b) Gone without enough clean water for home use? (c) Gone
without medicines or medical treatment? (d) Gone without fuel to cook your food? (¢) Gone
without a cash income?” The responses were measured on a scale with five ordinal categories
ranging from, “0 = never” to “4 = always.” To develop the additive index, I summed the ordinal
values assigned to the various response categories across the five items. The index ranges from 0
to 20, with higher values depicting more poverty. The five items had a Cronbach’s alpha statistic
of 0.84, demonstrating strong internal reliability. Wealthy individuals may be less concerned about
farmer-herder conflicts because they can afford private security. On the other hand, their wealth

may also make them more vulnerable to violent attacks, potentially heightening their concern about

conflict (Low 2001).

27



Educational level. This measures the highest level of education that respondents have attained
on a scale ranging from, “O = no education” to “9 = postgraduate.” Research has shown that

educated individuals tend to be more concerned about crime and violence (Liu et al. 2009).

News index. This measures the frequency with which respondents consume news from different
sources. Specifically, it was derived from the question, “How often do you get news from the
following sources? (a) Radio, (b) Television, (c) Newspapers, (d) Internet, () Social media such as
Facebook or Twitter?” The responses were measured on a scale with five ordinal categories ranging
from “0 = never” to “4 = everyday.” To develop the additive index, I summed the ordinal values
assigned to the respective response categories across the five items. The news index ranges from 0
to 20, with higher values denoting more news consumption. The four items had a Cronbach’s alpha

statistic of 0.78. Some studies have found a positive correlation between news consumption and

the fear of crime-related violence (Shin & Watson 2024; Shi 2018).

Pastoral conflict (30 km): This variable measures the cumulative number of conflict incidents
involving nomadic Fulani pastoralists that occurred within a 30 km radius around the respondents’
dwellings from 1997 up to one year before each survey. This means that for respondents in the
Round 7 survey conducted in 2017, I computed the pastoral conflicts that occurred within the 30
km radius from 1997 to 2016. Similarly, for the Round 8 survey conducted in 2020, I computed
the total number of pastoral conflicts that occurred within the 30 km radius from 1997 to 2019.
The year 1997 was chosen as the starting point because it is the earliest year for which conflict data
are available in the ACLED dataset. The cut off before the year of the survey lags the variable,
mitigating the potential problem of reverse causation. I considered the cumulative number of
incidents while developing this variable because the effect of past conflicts has been found to
persist and shape behavior in the present (Tuki 2025a, 2024a; Schori-Eyal et al. 2017).

Using QGIS software, I was able to integrate the Afrobarometer (BenYishay et al. 2017)
and the Armed Conflict Location and Events Data Project (ACLED) (Raleigh et al. 2010) datasets

to develop this variable because both datasets are georeferenced. Based on the ACLED dataset, 1
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define a pastoral conflict as any incident involving at least one actor identified as a “pastoralist” or
as belonging to the “Fulani” ethnic group. This operationalization is possible because ACLED
provides information on the occupation and ethnicity of conflict actors. In the dataset, actors
defined as “pastoralist” are typically “Fulani,” making the two terms similar. Suffice it to add that
this operationalization includes incidents both perpetrated by and directed against nomadic Fulani
pastoralists.

I also developed another version of this variable—Swu of fatalities (30 km)—which measures
the cumulative number of fatalities from pastoral conflicts within the 30 km radius around
respondents’ dwellings from 1997 until the year before the respective surveys. Some studies have
found a positive correlation between past exposure to violence and the fear of becoming a victim
of violence (Tseloni & Zarafonitou 2008). In contrast, other studies have found that continued

conflict exposure negatively correlates with expected victimization (Tuki 2024b).

Demographic covariates. This includes the age and gender of the respondents. Age is measured

in years, while gender takes a value of 1 for male and O for female.

Table 1: Descriptive statistics

Variable Total Mean Standard Minimum Maximum
observations deviation
Concern F-H conflict 2687 3.456 0.811 1 4
Concern F-H conflict (Binary) 2687 0.88 0.325 0 1
Dominant Muslim (Infrastructure) 2925 0.414 0.493 0 1
Dominant Muslim (DHS) 3143 0.44 0.496 0 1
Ratio of Muslims (Infrastructure) 3119 43.675 35.817 0.275 99.242
Ratio of Muslims (DHS) 3167 48.128 41.069 0.141 99.861
Muslim affiliation 3183 0.462 0.499 0 1
News index 3143 8.151 5.605 0 20
Lived poverty index 3181 5.865 4.653 0 20
Educational level 3189 4.366 2.22 0 9
Gender 3199 0.501 0.5 0 1
Age 3197 33.412 12.81 18 85
Pastoral conflict (30 47) 3191 4.824 15.219 0 175
Sum of fatalities (30 &) 3189 39.616 184.503 0 2015

Note: “F-H” denotes “farmer-herder.”
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Table 1 presents the summary statistics of the variables used to estimate the regression models.

4.2.  Analytical technique
To examine how religion relates to concern about farmer-herder conflicts, I consider a model of
the following general form:

%, = Bo+ BiMuslim; + B, A’y + p, (1)
In this equation, ; is the dependent variable which measures the degree to which Respondent i is
concerned about farmer-herder conflicts, Muslim; denotes the explanatory vatiable which could
be either Muslim affiliation or the predominance of Muslims in an area, A’; is a vector of control
variables that have already been discussed eatlier, f is the intercept, f; and 8, are the coefficients
of the explanatory and control vatiables, respectively, while g is the etror term. An ordered logit
regression was used to estimate the model due to the ordinal nature of the dependent variable. A
benefit of this approach is that it makes it possible to determine the correlation between the
explanatory variable and each category of the dependent variable. To account for time-specific
factors that could influence all observations but vary across years (e.g., changes in government
security policy), I included fixed effects for the survey year in the regression models based on the

pooled data from Rounds 7 and 8 of the Afrobarometer surveys.

5. Results and discussion

5.1.  Religion and concern about farmer-herder conflicts

Table 1 presents the results of ordered logit models assessing the relationship between religion and
concern about farmer-herder conflicts. The analysis is based on pooled data from Rounds 7 and 8
of the Afrobarometer surveys, conducted in 2017 and 2020. Models 1 to 4 examine the
predominance of Muslims in an area, while models 5 and 6 focus on Muslim affiliation. Due to a

high correlation between these two variables (r = 0.7), they were not included in the same model.
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In Model 1, which includes only the variable measuring the predominance of Muslims in an area—
derived from religious infrastructure—the coefficient was statistically insignificant. This contradicts
Hypothesis 1, which posits that living in a majority-Muslim area is negatively correlated with
concern about farmer-herder conflicts.”’ The insignificance of this measure persists even after the
inclusion of control variables in model 2. Among the control variables, only age and exposure to
pastoral conflicts were statistically significant. The positive coefficient for age suggests that as
individuals grow older, their concern about farmer-herder conflicts increases. Likewise, the positive
coefficient for exposure to pastoral conflicts indicates that as the number of conflict incidents

within a 30 km radius of respondents’ dwellings rises, so does their level of concern.

Table 2: Ordered logit models regressing concern about farmer-herder conflicts on religion (Pooled
data, Rounds 7 & 8)

Concern F-H conflict® @) 2) 3) )] 5) ©)
Dominant Muslim (Infrastructure) ~ -0.033 0.052
(0.081) (0.093)
Dominant Muslim (DHS) -0.014 0.074
(0.079) (0.088)
Muslim affiliation -0.278%Kx -(.25%kk
(0.078) (0.089)
News index 0.014 0.017%* 0.011
(0.009) (0.009) (0.009)
Lived poverty index -0.002 -0.003 -0.008
(0.01) (0.009) (0.009)
Educational level -0.016 -0.016 -0.032
(0.022) (0.022) (0.022)
Male (Reference: Female) -0.106 -0.094 -0.057
(0.084) (0.081) (0.081)
Age 0.073%0kk 0.0+ 0.009%#*
(0.003) (0.003) (0.003)
Pastoral conflict (30 £m) 0.009%#* 0.009%#* 0.007%*
(0.003) (0.003) (0.003)
Intercept 1 -2.964%K% 22,6210 D 97k -2.578%Kx -3.101%k% -2.92%%%
(0.112) (0.201) (0.108) (0.195) (0.109) (0.201)
Intercept 2 -1.827%K% 21,4920k 1 839Hekek -1.458%Kx -1.962%¢% -1.792%K%
(0.078) (0.185) (0.074) (0.181) (0.077) (0.187)
Intercept 3 -0.31%%% 0.034 -0.332%%% 0.058 -0.446%+% -0.269
(0.065) (0.185) (0.062) (0.181) (0.065) (0.180)
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 2470 2420 2640 2581 2672 2608
Pseudo R2 0.004 0.007 0.003 0.007 0.006 0.008
Log pseudolikelihood -2424.418 -2362.489  -2590.606 -2518.248 -2609.811 -2538.487
AIC statistic 4858.836 4746.979  5191.211 5058.496 5229.621 5098.974
BIC statistic 4887.896 4810.685  5220.604 5122911 5259.074 5163.503

20 The statistical insignificance of Muslim predominance aligns with the findings from the descriptive
analysis, which similarly indicate that individuals in predominantly Muslim areas express a level of concern
about farmer-herder conflicts comparable to those in predominantly Christian areas (see Panel A in Figure
5).
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Note: Robust standard errors are in parentheses, *** p<0.01, ** p<0.05, * p<0.10. @ is the dependent variable, measured on a
scale with four ordinal categories. All models are estimated using ordered logit regressions (Ologit) and pooled data from the
Rounds 7 and 8 Afrobarometer surveys, conducted in 2017 and 2020, respectively. “F-H” denotes “farmer-herder.” All models
include fixed effects for the survey year. AIC = Akaike information criterion; BIC = Bayesian information criterion.

In Models 3 and 4, which use an alternative measure of Muslim predominance derived
from the DHS surveys, the main remained consistent with those reported earlier. However, a key
difference emerges in Model 4: while the news index was statistically insignificant in Model 2, it
now has a significant positive coefficient. This suggests that higher news consumption is associated
with increased concern about farmer-herder conflicts, likely due to greater exposure to news
coverage on the issue. In Model 5, which focuses solely on Muslim affiliation, the variable carried
a negative coefficient and was statistically significant at the 1% level. This supports Hypothesis 2,
which posits that Muslims are less concerned about farmer-herder conflicts than Christians. Model
6 further confirms that this negative correlation remains robust even after accounting for control

variables.
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Figure 7: Predicted probabilities showing the magnitude of the association between
religious affiliation and concern about farmer-herder conflicts (Pooled data, Rounds 7 and
8).
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Note: The figure, based on Model 5 in Table 2, visualizes the association between Muslim affiliation and
each category of concern about farmer-herder conflicts. The confidence intervals are set at the 95% level.

The figure is based on pooled data from the Rounds 7 and 8 Afrobarometer surveys conducted in 2017 and
2020.

To illustrate the strength of the correlation between Muslim affiliation and concern about
farmer-herder conflicts, I plotted the predicted probabilities for the baseline model (Model 5) in
Figure 7. The figure reveals that this correlation is largest in the “very concerned” response
category, where it is negative. In contrast, the correlation is positive across the remaining three
response categories. Specifically, compared to Christians, Muslims are 6.5 percentage points less
likely to select the “very concerned” response category when asked about their concern regarding
farmer-herder conflicts, and 1.1 percentage points more likely to choose the “not concerned at all”

response category.

Table 3: Ordered logit models regressing concern about farmer-herder conflicts on religion
(Round 7 data only)
Concern F-H conflict® M @ &) “) ®) ©)

Dominant Muslim (Infrastructure) ~ -0.367%%%  -0.321**
(0.110) (0.130)

Dominant Muslim (DHS) -0.387#%F  -0.334%0F
(0.111) (0.120)
Muslim affiliation -0.444++¢ -0.4%%*
(0.11) (0.128)
News index -0.006 0.00 -0.004
(0.013) (0.013) (0.013)
Lived poverty index -0.035%* -0.039#%* -0.038***
(0.015) (0.014) (0.014)
Educational level 0.001 -0.00 0.004
(0.033) (0.032) (0.033)
Male (Reference: Female) -0.409+** -0.41%%* -0.382%**
(0.119) (0.114) (0.114)
Age 0.012%* 0.013%%* 0.012%%*
(0.005) (0.005) (0.005)
Pastoral conflict (30 47) 0.009 0.009 0.007
(0.007) (0.007) (0.007)
Intercept 1 S3.128%kk 3175k 3 14400k 3 1] T7RRE -3.18%%¢ -3.182%%¢
(0.147) (0.305) (0.139) (0.289) (0.141) (0.295)
Intercept 2 S2.072%%k 212240k D O8TFRE 2.069%0F -2.125%%¢ -2.136%+*
(0.099) (0.283) (0.093) 0.272) (0.099) (0.281)
Intercept 3 -0.435%%F  -0.452 -0.478%+k  -0.422 -0.506%** -0.482*
(0.077) (0.28) (0.074) (0.27) (0.076) (0.277)
Obsetrvations 1171 1154 1277 1258 1277 1254
Pseudo R? 0.004 0.014 0.005 0.015 0.006 0.016
Log pseudolikelihood -1205.458 -1166.988 -1305.862 -1262.095 -1305.183 -1260.772
AIC statistic 2418915  2353.976  2619.723  2544.191 2618.367 2541.545
BIC statistic 2439.178  2404.486  2640.332  2595.563 2638.976 2592.886

Note: Robust standard errors are in parentheses, *** p<0.01, ** p<0.05, * p<0.10. @ is the dependent variable, measured on
a scale with four ordinal categories. All models are estimated using ordered logit (Ologit) regressions and data from the Round
7 Afrobarometer survey conducted in 2017. “F-H” denotes “farmer-herder.” AIC = Akaike information critetion; BIC =
Bayesian information ctitetion.
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The results in Table 2 may mask underlying heterogeneities, as they are based on pooled
data from Rounds 7 and 8 of the Afrobarometer surveys. To account for this, I disaggregated the
data by survey round (year) and replicated the analysis using the respective subsamples. Table 3
presents the regression results based on the Round 7 Afrobarometer survey conducted in 2017. In
Model 1, which includes only the measure for Muslim predominance derived from religious
infrastructure, the variable carried a negative coefficient and was significant at the 1% level. This
finding supports Hypothesis 1, suggesting that in 2017, individuals living in predominantly Muslim
areas were less concerned about farmer-herder conflicts than those in predominantly Christian
areas. This result remains robust even after incorporating control variables (Model 2) and using an
alternative measure of Muslim predominance derived from DHS data (Models 3 and 4). Similarly,
in Model 5, which focuses solely on Muslim affiliation, the variable also had a negative coefficient,
significant at the 1% level. This aligns with Hypothesis 2, which posits that, compared to Christians,
Muslims exhibit lower concern about farmer-herder conflicts. Notably, the descriptive analysis (see

Panel B in Figures 4 and 5) reinforces these findings.

Panel A: Dominant Muslim (Infrastructure) Panel B: Dominant Muslim (DHS)
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Panel C: Muslim affiliation
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Figure 8: Predicted probabilities showing the magnitude of the association between
religion and concern about farmer-herder conflicts (Round 7 data only)

Note: Panels A and B, based on Models 1 and 3 in Table 3, visualize the association between the
predominance of Muslims in an area and each category of concern about farmer-herder conflicts. The
measure of Muslim predominance in Panel A is derived from a count of religious infrastructure (i.c.,
churches and mosques) in the local government areas (LGAs), while the measure in Panel B is derived from
the Demographic and Health Surveys (DHS) data. Panel C, based on Model 5 in Table 3, illustrates the
association between Muslim affiliation and each category of the dependent variable. Confidence intervals

are at the 95% level. The figure is based on data from the Round 7 Afrobarometer survey, conducted in
2017.

To illustrate the strength of the correlations reported in Table 3, I plotted the predicted
probabilities for the baseline models in Figure 8. A quick glance at the three panels reveals that the
correlation between religion and concern about farmer-herder conflicts is largest in the “very
concerned” response category. Panel A, based on Model 1 in Table 3, visualizes the correlation
between the measure of Muslim predominance derived from religious infrastructure and concern
about farmer-herder conflicts. It shows that, compared to individuals living in predominantly
Christian areas, those in predominantly Muslim areas were 8.9 percentage points less likely to select
the “very concerned” response category and 1.7 percentage points more likely to choose the “not

concerned at all” category when asked about their level of concern in 2017. The magnitude of the
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associations in Panel B, based on the measure of Muslim predominance from the DHS surveys,
mirrors those in Panel A. Panel C, which focuses on Muslim affiliation, indicates that compared to
Christians, Muslims are 11 percentage points less likely to select the “very concerned” response
category when asked about their level of concern regarding farmer-herder conflicts and 2.1

percentage points more likely to choose the “not concerned at all” category.

Table 4: Ordered logit models regressing concern about farmer-herder conflicts on religion
(Round 8 data only)

Concern F-H conflict® )] 2 3 ) 5) )

Dominant Muslim (Infrastructure) — 0.302%**  0.495%**
0.117) (0.135)

Dominant Muslim (DHS) 0.363*** 0.558***
(0.112) (0.128)
Muslim affiliation -0.114 -0.072
(0.111) (0.128)
News index 0.031%* 0.03** 0.023*
(0.013) (0.012) (0.012)
Lived poverty index 0.031%* 0.034%¢ 0.017
(0.013) (0.013) (0.012)
Educational level -0.035 -0.027 -0.065%*
(0.032) (0.031) (0.031)
Male (Reference: Female) 0.205* 0.247** 0.284**
(0.12) (0.118) (0.110)
Age 0.01+* 0.009* 0.005
(0.005) (0.005) (0.005)
Pastoral conflict (30 £m) 0.07#** 0.07#** 0.007**
(0.004) (0.004) (0.003)
Intercept 1 S3.165%0k 2 2667k S3. e -2.166%k¢ -3.351kkk D 9] ek
(0.150) (0.28) (0.154) (0.282) (0.150) (0.280)
Intercept 2 S1.9371k0k 1,04k -1.884#kx -0.947+%¢ S2.116%0F -1.696%FF
0.1) (0.258) 0.1) (0.259) (0.104) (0.265)
Intercept 3 -0.523%F¢  (0.382 -0.467++* 0.481* -0.703*+¢  -0.28
(0.076) (0.250) (0.077) (0.259) (0.08) (0.263)
Obsetrvations 1299 1266 1363 1323 1395 1354
Pseudo R? 0.003 0.014 0.004 0.017 0.00 0.009
Log pseudolikelihood -1208.13  -1169.167 -1271.418 -1224.347 -1300.181  -1257.777
AIC statistic 2424261  2358.335 2550.836 2468.693 2608.361  2535.553
BIC statistic 2444938  2409.771 2571.706 2520.57 2629.324  2587.661

Note: Robust standard errors are in parentheses, *** p<0.01, ** p<0.05, * p<0.10. @ is the dependent variable, measured on a
scale with four ordinal categories. All models are estimated using ordered logit regressions (Ologit) and data from the Round 8
Afrobarometer survey conducted in 2020. “F-H” denotes “farmer-herder.” AIC = Akaike information criterion; BIC =
Bayesian information ctitetion.

Table 4 presents the regression results based on data from the Round 8 Afrobarometer
survey, conducted in 2020. In Model 1, which includes only the measure of Muslim predominance
derived from religious infrastructure, the variable had a positive coefficient that was significant at
the 1% level. This finding contradicts Hypothesis 1, suggesting that in 2020, individuals living in

predominantly Muslim areas were more concerned about farmer-herder conflicts than those in
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Christian areas. Notably, this positive correlation remains robust even after incorporating control
variables (Model 2), and using an alternative measure of Muslim predominance derived from the
DHS surveys (Models 3 and 4).

To understand this anomalons finding, it is essential to consider the changes in the nature of
farmer-herder conflicts between the two survey rounds (years). Over time, these conflicts have
gradually evolved into banditry, with many of the bandits being nomadic pastoralists (Saminu et al.
2023; Ojo et al. 2023; Ejiofor 2021; Osasona 2021; Ayomide 2021). Ejiofor (2021, p. 88) notes that,
“the term ‘armed bandit’ in the northwest zone is, in local parlance, shorthand for nomadic
pastoralists of Fulani extraction who have taken to criminality in the absence of economic
opportunities beyond cattle herding.” Bandit activities, such as ransom-driven abductions and
indiscriminate attacks on communities (Ewang 2024; Al Jazeera 2023), are concentrated in the
Northwest geopolitical zone, where the population is mainly Muslim (Obi & Iwuoha 2023; Aina et
al. 2023). The incidence of banditry surged after 2017, reaching levels that resulted in more deaths
than the notorious Islamist group Boko Haram in 2019 (Mac-Leva & Ibrahim 2019). This prompted
the Nigerian government to proscribe bandit gangs as terrorist organizations (Al Jazeera 2022). As
a result, while individuals in predominantly Muslim areas were less concerned about farmer-herder
conflicts than those in predominantly Christian areas in 2017, this trend reversed after 2017. The
increasing prevalence of banditry in Muslim-majority areas likely influenced this shift. Notably, the
descriptive results (see Panel C in Figure 5) reflect this change.

In Model 5, which focuses solely on Muslim affiliation, the coefficient was statistically
insignificant. This suggests that in 2020, Muslims did not differ from Christians in their level of
concern about farmer-herder conflicts. The insignificance of Muslim affiliation persisted even after
the inclusion of control variables in Model 6. This finding contradicts Hypothesis 2, which posits
that Muslims are less concerned about farmer-herder conflicts than Christians. It is worth noting

that the descriptive analysis (see Panel C in Figure 4) supports this result. The parity in concern
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between Muslims and Christians may stem from increased worry among Muslims, likely driven by

the surge in banditry.
Panel A: Dominant Muslim (Infrastructure) Panel B: Dominant Muslim (DHS)
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Figure 9: Predicted probabilities showing the magnitude of the association between
religion and concern about farmer-herder conflicts (Round 8 data only)

Note: Panels A and B, based on Models 1 and 3 in Table 4, visualize the association between the
predominance of Muslims in an area and each category of concern about farmer-herder conflicts. The
measure of Muslim predominance in Panel A is derived from a count of religious infrastructure (i.e.,
churches and mosques) in the local government areas (LGAs), while the measure used in Panel B is derived
from the Demographic and Health Surveys (DHS) data. Panel C, which is based on Model 5 in Table 4,
illustrates the association between Muslim affiliation and each category of the dependent variable. The
confidence intervals are set at the 95% level. The figure is based on data from the Round 8 Afrobarometer
survey, conducted in 2020.

To illustrate the strength of the correlations reported in Table 4, I plotted the predicted
probabilities in Figure 9. A quick glance at Panels A and B reveals that the correlation between the
predominance of Muslims in an area and concern about farmer-herder conflicts is largest on the
“very concerned” response category. Panel A, based on the measure of Muslim predominance
derived from religious infrastructure, shows that compared to individuals living in predominantly
Christian areas, those in Muslim-majority areas were 7 percentage points more likely to select the
“very concerned” response when asked about their level of concern regarding farmer-herder
conflicts in 2020. They were also 1.1 percentage points less likely to choose the “not concerned at
all” option. Panel B, which uses the measure of Muslim predominance from the DHS survey,
shows a similar pattern to Panel A, but a slightly stronger correlation in the “very concerned”
response category. Finally, Panel C, which focuses on Muslim affiliation, shows that all the whiskers
cross the horizontal line at zero. This indicates that Muslims did not differ from Christians in their
concern about farmer-herder conflicts in 2020.

It is worth noting that the regression results presented in Tables 2, 3, and 4 remain robust
when concern about farmer-herder conflicts is operationalized as a binary variable (see Tables
C1.1-C1.3 in the appendix) and when an alternative measure of Muslim predominance, defined

percentage, is used (see Tables C2.1-C2.3 in the appendix).

5.2. Religion and pastoral conflicts
In the theoretical section (Section 3), I argued that individuals living in predominantly Muslim
areas, as well as Muslims in general, would be less concerned about farmer-herder conflicts because

the shared religion, Islam, fosters trust and reduces the likelihood of disputes over land and water
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resources escalating into violence. If this is indeed the case, then predominantly Muslim areas
should experience a lower incidence of pastoral conflicts compared to predominantly Christian

areas.

Table 5: OLS models regressing the incidence and intensity of pastoral conflicts on the
predominance of Muslims in an area (LGA analysis)

Dependent variables: Pastoral conflicts (LGA) Sum of fatalities (LGA)
o 05 3 Q)
Dominant Muslim (Infrastructure) -2.939#k% S17. 7406
(0.683) (5.389)
Dominant Muslim (DHS) -2.388#kx* -13.774%*
(0.693) (5.427)
Constant 5.056%+* 4777 2%H* 29.796%** 27.494++*
(0.632) (.645) (4.877) (4.944)
Observations 715 767 715 767
R-squared 0.019 0.014 0.011 0.008
AIC statistic 5386.695 5733.499 8324.942 8882.934
BIC statistic 5395.84 5742.784 8334.087 8892.219

Note: Robust standard errors are in parentheses, *** p<0.01, ** p<0.05, * p<0.10. All variables are computed at the local
government area (LGA) (i.e., municipality) level. The models are estimated using ordinary least squares (OLS) regression.
AIC = Akaike information criterion; BIC = Bayesian information criterion.

To test this, I created two variables: the first, Pastoral conflicts (LGA), measures the
cumulative number of pastoral conflict incidents within each of Nigeria’s 774 local government
areas (LGASs) (i.e., municipalities) from 1997 to 2023. The second variable, Su of fatalities (.GA),
focuses on the intensity of the conflict. Specifically, it measures the total number of fatalities
resulting from pastoral conflicts within the LGAs during the same period. I then estimated a series
of bivariate models, regressing these two variables on a dummy indicating the predominance of
Muslims in an area. The results are presented in Table 5.

The dependent variable in Models 1 and 2 measures the incidence of pastoral conflicts. In
Model 1, the measure of Muslim predominance derived from religious infrastructure was
statistically significant at the 1% level and had a negative coefficient. This suggests that LGAs with
predominantly Muslim populations experience a lower incidence of pastoral conflicts than those
with predominantly Christian populations. Specifically, the results indicate that, on average, LGAs
with predominantly Muslim populations experience about three fewer pastoral conflicts than those

with predominantly Christian populations. In Model 2, where I used the measure of Muslim
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predominance derived from the DHS data, the coefficient was slightly smaller but still consistent
with the findings in Model 1.

The dependent variable in Models 3 and 4 measures the intensity of pastoral conflicts. In
Model 3, the measure of Muslim predominance derived from religious infrastructure had a negative
coefficient and was statistically significant at the 1% level. Specifically, the results indicate that, on
average, predominantly Muslim LGAs experience approximately 18 fewer fatalities from pastoral
conflicts than predominantly Christian LGAs. In Model 4, where Muslim predominance was
measured using DHS data, the coefficient decreased to 14 but remained consistent with the
findings in Model 3. Notably, the results presented in Table 5 remain robust even after including
control variables for literacy rate and the prevalence of stunting (see Table C3.1 in the Appendix),
and when excluding LGAs with no recorded pastoral conflicts. The latter results are not reported

here.

Table 6: OLS models regressing the incidence and intensity of pastoral conflicts on Muslim
affiliation and the predominance of Muslims in an area (Pooled data, Rounds 7 & 8)

Dependent variables: Pastoral conflicts (30 km) Sum of fatalities (30 km)
@) @ 6 Q) ) ©)

Dominant Muslim (Infrastructure) -5.577Hkx -54.936%+*

(0.498) (6.04)
Dominant Muslim (DHS) -4.5406%** -49.457H*K

(0.489) (5.897)
Muslim affiliation -3.306%** -39.186%**
(0.5106) (6.207)

Constant TAGHHRE  0.844%K% (6 FFTHHK 65.689*F* 61.878%** 57.526%F*

(0.4806) 0.472) (0.448) (5.984) (5.837) (5.534)
Observations 2925 3143 3175 2923 3141 3173
R-squared 0.03 0.022 0.012 0.02 0.017 0.011
AIC statistic 2437319  26009.58  26260.53 38986.03 41684.88 42062.02
BIC statistic 24385.15  26021.69  26272.65 38997.99 41696.99 42074.15

Note: Robust standard errors are in parentheses, *** p<0.01, ** p<0.05, * p<0.10. The dependent variables are computed at the
individual level. All the models are estimated using ordinary least squares regression (OLS) and are based on pooled data from the
Rounds 7 and 8 Afrobarometer surveys, conducted in 2017 and 2020, respectively. AIC = Akaike information ctiterion; BIC =

Bayesian information ctitetion.

The results presented in Table 5 are based on objective data and do not involve survey
respondents. To further validate these findings, I conducted a robustness check to assess whether
respondents living in Muslim-majority LGAs are less likely than those in Christian-majority LGAs

to experience pastoral conflicts within a 30 km radius of their dwellings. I also examined whether
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Muslim, on average, are less likely than Christians respondents to have experienced pastoral
conflicts within this radius. Furthermore, I developed an additional variable—Su» of fatalities (30
km)—which measures the cumulative number of deaths from pastoral conflicts within a 30 km
radius of respondents’ dwellings. This variable was then regressed on the explanatory variables.
The results of these analyses are presented in Table 6.

The dependent variable in Models 1 to 3 measures the incidence of pastoral conflicts within
a 30 km radius of respondents’ dwellings. In Model 1, the measure of Muslim predominance
derived from religious infrastructure carried had a negative coefficient and was statistically
significant at the 1% level. Specifically, the results indicate that individuals living in predominantly
Muslim LGAs experience, on average, 6 fewer pastoral conflicts within the 30 km radius around
their dwellings than those living in predominantly Christian LGAs. In Model 2, where Muslim
predominance was measured using DHS data, the coefficient decreased by 1 unit but remained
consistent with the findings in Model 1. Meanwhile, Model 3 reveals that, on average, Muslims
experience 3 fewer pastoral conflicts within a 30 km radius of their dwellings than Christians.

The dependent variable in Models 4 to 6 measures the cumulative number of fatalities
resulting from pastoral conflicts within the 30 km radius of respondents’ dwellings. Model 4, which
utilizes the measure of Muslim predominance derived from religious infrastructure, indicates that
individuals living in predominantly Muslim areas experience, on average, 55 fewer fatalities within
the 30 km radius of their dwellings than those in predominantly Christian areas. In Model 5, where
Muslim predominance was measured using DHS data, the results remained consistent with those
in Model 4, though the coefficient decreased by 6 units.

In Model 6, Muslim affiliation had a negative coefficient that was statistically significant at
the 1% level, indicating that, on average, Muslims experienced 39 fewer fatalities from pastoral
conflicts within a 30 km radius of their dwellings compared to Christians. It is worth noting that

the results reported in Table 6 remain robust even when the data is disaggregated by survey round
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(year). Furthermore, these findings hold even after excluding respondents who reported no
experience of pastoral conflicts within the 30 km radius.

The Afrobarometer survey questionnaire included two conflict-related questions, which I
used for additional analyses. For brevity, these results are presented in the appendix. The first
question asked respondents whether they believed farmer-herder conflicts had increased,
decreased, or stayed the same over the past year. The regression results indicated that individuals
living in predominantly Muslim areas, as well as Muslims, were more likely than their counterparts
in predominantly Christian areas and Christians to agree that the incidence of farmer-herder
conflicts had decreased. These findings are discussed in detail in Section Al of the appendix. The
second question asked respondents to evaluate the Nigerian government’s efforts in resolving
intercommunal conflicts nationwide. The analysis revealed that individuals in predominantly
Muslim areas and Muslims were more likely to assess these efforts positively compared to those in
predominantly Christian areas and Christians. Section A2 of the appendix provides a more detailed
discussion of these results.

Finally, I leveraged novel survey data collected in Nigeria in 2021 as part of the
Transnational Perspectives on Migration and Integration (TRANSMIT) research project (n =
2,991) to examine the correlation between religion and trust in members of the Fulani ethnic group.
The survey included questions on respondents’ religious affiliation, their level of trust in the Fulani,
and their local government area (LGA) of residence. The regression analysis revealed that
individuals in predominantly Muslim areas, as well as Muslims, were more likely to trust the Fulani
than those in predominantly Christian areas and Christians. This is likely because the Fulani are
predominantly Muslim, aligning them with the broader Muslim ingroup. A detailed discussion of

these findings is provided in Section A3 of the appendix.

6. Conclusion

Using pooled data from Rounds 7 and 8 of the Afrobarometer surveys, conducted in 2017 and

2020, this study examined the relationship between religion and concern about farmer-herder
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conflicts. Regression analysis revealed that individuals living in predominantly Muslim areas did
not differ significantly from those in predominantly Christian areas in their level of concern about
these conflicts. However, Muslim were generally less concerned than Christians. Disaggregating
the data by survey round (year) revealed notable shifts over time. In 2017, individuals in
predominantly Muslim areas were less concerned about farmer-herder conflicts than those in
predominantly Christian areas. Also, Muslims were less concerned than Christians. By 2020, this
pattern had reversed: individuals in predominantly Muslim areas expressed greater concern than
those in predominantly Christian areas, while the difference in concern between Muslims and
Christians vanished. This shift is likely driven by the increasing prevalence of bandit attacks carried
out by nomadic Fulani herders, particularly in Nigeria’s Northwest geopolitical zone—a
predominantly Muslim region. The analysis further revealed that individuals in predominantly
Muslim areas and Muslims, compared to those in predominantly Christian areas and Christians,
were more likely to perceive a decline in farmer-herder conflicts over the past year, view the
Nigerian government’s conflict resolution efforts more favorably, and express greater trust in
members of the Fulani ethnic group. Additionally, they reported fewer experiences of pastoral
conflict within a 30 km radius of their dwellings. These patterns held consistently across both
pooled data and the data disaggregated by survey round (year).

The findings of this study underscore how conflicts that initially have no religious basis can
acquire a religious dimension due to the distinct religious identities of the actors involved.
Moreover, they demonstrate that overlooking religion in the study of farmer-herder conflicts
hinders a comprehensive understanding of the issue and obscures key mechanisms that may explain
why these conflicts occur more frequently in some areas than in others. Nigerian society is deeply
polarized along religious lines, with many individuals prioritizing their religious identity over their
national identity (Tuki 2024b; Agbiboa 2013). This strong group identification fosters entitativity,
wherein members of a religious group are perceived as identical and interchangeable. Consequently,

farmer-herder conflicts often escalate from individual disputes to broader communal violence, with
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individuals targeted based on their religious affiliation—even if they had no direct involvement in
the initial dispute. This phenomenon, known as vicarious retribution (Lickel et al. 20006), helps
explain the persistence and recurrent nature of these conflicts. Furthermore, this study highlights
the importance of considering religion in the analysis of farmer-herder conflicts. Neglecting this
factor prevents a holistic understanding of the conflict and obscures potentially insightful
mechanisms that may explain why these conflicts occur frequently in some areas but not others.

Beyond Nigeria, the results of this study have broader implications for other countries
grappling with intercommunal conflicts, particularly those where the conflict actors possess distinct
ethnic and religious identities. The Central African Republic offers a relevant example, where
members of the Seleka group, composed primarily of Muslims, launched an insurgency against the
government in 2012, ultimately overthrowing it the following year. In response to the violence
perpetrated by Sekka forces, the Awti-Balaka group, primarily consisting of Christians, was
established (Center for Preventive Action 2024; Cadman 2015). Although the conflict was initially
politically motivated, it gradually turned religious, owing to the distinct religious identities of the
warring factions. The subsequent violence has been marked by reprisals, with individuals targeted
based on their religious affiliation (Human Rights Watch 2013).

Another example is Mali, where perceived marginalization and government corruption
have driven some Fulani herders to join jihadist groups, fostering the perception that the Fulani
are supporters of jthadist ideology (Benjaminsen & Ba 2018). In response to these security threats,
the Malian army trained and supported members of the Dogon ethnic group in forming a militia
to combat insecurity. However, this militia has systematically targeted and killed members of the
Fulani ethnic group. This escalating violence culminated in the 2019 massacre when Dogon hunters
attacked a Fulani village, killing over 150 people, many of whom were children and the elderly
(Connolly 2019; Benjaminsen & Ba 2021; Ahmed 2019). In retaliation, a group of Al-Qaeda-linked
jihadists launched an attack on a military base, killing several soldiers (Reuters 2019). However, as

Benjaminsen and Ba (2021) note, the conflict between Fulani herders and sedentary Dogon
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agriculturalists cannot be fully understood without considering the historical dynamics between
these two communities. During the precolonial period, the Fulani wielded significant political and
military power, often raiding Dogon communities to capture slaves and force conversions to Islam.
Those who resisted fled to the less fertile escarpments, seeking refuge from Fulani domination.
However, with the advent of French colonial rule in the 20th century, the Dogon people felt safer
and gradually returned to the fertile plains. Colonialism also shifted the political balance, leading to
a decline in Fulani influence and the rise of the Dogon, particularly in terms of land rights. Today,
the Fulani remain predominantly Muslim, while most of the Dogon continue to practice their
traditional religions, though some have adopted Islam or Christianity (Wilke 2016). These cultural
patterns in Mali closely resemble those observed in Nigeria (see footnote 8).

The findings of this study underscore the importance of fostering interreligious trust as a
key strategy for mitigating farmer-herder conflicts in Nigeria. To effectively reduce the incidence
of such conflicts nationwide, the Nigerian government should consider implementing policies that
promote sustained dialogue between Muslims and Christians. This form of dialogue plays a vital
role in building trust between religious communities, thereby enhancing the prospects for peaceful
conflict resolution. Religious leaders, in particular, are well-positioned to facilitate this process, as
Nigerians often place greater trust in them than in government authorities (Tuki 2024c, p. 153).
Furthermore, when followers observe their religious leaders engaging in open and constructive
dialogue, it can challenge existing stereotypes and reduce perceived threats from members of the

religious outgroup (Eke 2022).
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Section A
Al.  Religion and perceived conflict intensity
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Figure Al.1: Predicted probabilities showing the association between religion and
perceived conflict intensity (Pooled data, Rounds 7 & 8)

Note: The figure shows the religious distribution of respondents’ answers to a question asking whether
they believe the frequency of farmer-herder conflicts has increased, decreased, or stayed the same during
the past year. The horizontal axis shows the number of Muslim and Christian respondents who were asked
the question, as well as the number of respondents residing in Local Government Areas (LGAs) with
predominantly Muslim and Christian populations—based on religious infrastructure (i.e., mosques and
churches). The vertical axis shows the percentage of respondents associated with the various response
categories. The figure is based on pooled data from Rounds 7 and 8 of the Afrobarometer surveys,
conducted in 2017 and 2020, respectively.

The Afrobarometer survey questionnaire had a question regarding perceptions of the
intensity of farmer-herder conflicts. Specifically, respondents were asked, “In your opinion, would
you say the conflict between farmers and herdsmen has increased, decreased, or stayed the same
over the past year?” The responses were measured on a scale with five ordinal categories ranging

from “0 = increased a lot” to “4 = decreased a lot.” Figure Al.1 plots the responses on a stacked
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bar chart. A glance at the figure reveals that 36% of Nigerians believe farmer-herder conflicts have
either “increased a little” or “increased a lot.”” Disaggregating the data based on religious affiliation
reveals that more Christians than Muslims believe that the conflicts have increased. Specifically,
26% of Muslims hold this belief compared to 45% of Christians. Disaggregating the data based on
the religious composition of the population in an area also reveals a similar pattern: 25% of
individuals living in predominantly Muslim areas believe farmer-herder conflicts have increased,
while 45% of those in Christian-majority areas hold this belief.

Table Al.1: Ordered logit models regressing perceived conflict intensity on religion (Pooled data,
Rounds 7 & 8)

F-H conflict decreased® )] 2 3 ) 5) )

Dominant Muslim (Infrastrucry)  0.904%%%  0.766%
0.076)  (0.085)

Dominant Muslim (DHS) 0.803%#* 0.653%#*
(0.073) (0.081)
Muslim affiliation 0.903%%* 0.79***
(0.072) (0.079)
News index -0.007 -0.013 -0.006
(0.008) (0.008) (0.008)
Lived poverty index -0.042%+% -0.039++x -0.035%**
(0.009) (0.009) (0.009)
Educational level -0.022 -0.026 -0.02
(0.021) (0.021) (0.021)
Male (Reference: Female) -0.033 -0.017 -0.051
(0.076) (0.073) (0.073)
Age -0.006** -0.006** -0.006**
(0.003) (0.003) (0.003)
Pastoral conflict (30 4m) -0.008*+* -0.009*+x -0.07 %k
(0.002) (0.002) (0.002)
Intercept 1 S1.182%kk 1,907k 11 226K -1.991 %% -1.193%+x -1.842%%%
(0.07) (0.178) (0.068) (0.172) (0.069) (0.173)
Intercept 2 - 197k -0.907+k%  _(0,258%k* -1.009*+* -0.219%%% -0.854++%
(0.064) (0.175) (0.062) (0.169) (0.064) (0.171)
Intercept 3 0.558*x  _(0.134 0.49%+x -0.243 0.544#%* -0.077
(0.065) (0.175) (0.062) (0.169) (0.064) (0.17)
Intercept 4 2.607%%* 1.941 %+ 2.55%%% 1.844++% 2.622%%% 2.022%%%
(0.086) (0.184) (0.083) (0.177) (0.084) (0.178)
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 2410 2362 2577 2520 2609 2547
Pseudo R2 0.02 0.027 0.016 0.023 0.02 0.027
Log pseudolikelihood -3621.201  -3520.577 -3876.994 -3761.324 -3905.666 -3786.857
AIC statistic 7254.402  7065.153  7765.987 7546.649 7823.331 7597.714
BIC statistic 7289.126  7134.361  7801.113 7616.633 7858.532 7667.826

Note: Robust standard errors are in parentheses, *** p<0.01, ** p<0.05, * p<0.10. ®@ denotes the dependent variable, measured
on a scale with five ordinal categories. All models are estimated using ordered logit regression (Ologit) and pooled data from
Rounds 7 and 8 of the Afrobarometer surveys, conducted in 2017 and 2020, respectively. All models include fixed effects for the
survey year. “F-H” denotes “farmer-herder.” AIC = Akaike information criterion; BIC = Bayesian information ctiterion.

To determine the correlation between religion and perceived conflict intensity, I estimated
models where I regressed perceived conflict intensity on the explanatory variables. In Model 1,
where I considered only the measure of Muslim predominance derived from religious
infrastructure, the variable has a positive coefficient and is statistically significant at the 1% level.

This suggests that, compared to individuals living in predominantly Christian areas, those in

56



Muslim-majority areas are more likely to believe that the incidence of farmer-herder conflicts has
decreased during the past year. This finding is robust to the inclusion of control variables (Model
2). Among the control variables, the poverty index, age, and exposure to pastoral conflicts were
statistically significant. The negative coefficient accompanying the poverty index suggests that the
poorer people are, the less likely they are to believe that farmer-herder conflicts have decreased.
The negative coefficient accompanying age indicates that, as people grow older, they become less
likely to believe that farmer-herder conflicts have decreased. Likewise, the negative coefficient
accompanying pastoral conflict suggests that the higher the number of pastoral conflict incidents
within a 30 km radius of respondents’ dwellings, the less likely they are to believe that farmer-
herder conflicts have decreased.

The results in Models 1 and 2 are robust to the use of an alternative measurement of
Muslim predominance derived from the DHS data (Models 3 and 4). In Model 5, where I consider
only Muslim affiliation, the variable has a positive coefficient and is statistically significant at the
1% level. This indicates that, compared to Christians, Muslims are more likely to believe that the
incidence of farmer-herder conflicts has decreased during the past year. This result is robust to the
inclusion of control variables (Model 6). It is worth noting that the results reported in Table Al.1
are robust to alternative models where I disaggregate the data based on survey round and estimate
models using each subsample. These results have not been reported.

Panel A: Dominant Muslim (Infrastructure) Panel B: Muslim affiliation
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Figure Al.2: Predicted probabilities showing the association between religion and
perceived conflict intensity (Pooled data, Rounds 7 & 8)
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Note: Panel A, based on Model 1 in Table Al.1, visualizes the association between Muslim predominance
in an area and respondents’ perceptions of the intensity of farmer-herder conflicts. The measure of Muslim
predominance is derived from a count of religious infrastructure (i.e., churches and mosques) in the Local
Government Areas (LGAs) where respondents reside. Panel B visualizes the association between Muslim
affiliation and each category of the dependent variable. Confidence intervals are set at the 95% level. The
figure is based on pooled data from Rounds 7 and 8 of the Afrobarometer surveys, conducted in 2017 and
2020, respectively.

To illustrate the strength of the correlations reported in Table A1.1, I plotted the predicted
probabilities for the baseline models (i.e., Models 1 and 5) in Figure Al1.2. I did not plot the
predicted probabilities for Model 3 because the results are identical to those from Model 1. Panel
A shows that, compared to individuals living in predominantly Christian areas, those in
predominantly Muslim areas are 8.2 percentage points more likely to believe that farmer-herder
conflicts have “decreased alot” during the past year and 13.2 percentage points less likely to believe
that farmer-herder conflicts have “increased a lot.” Similarly, Panel B shows that, compared to
Christians, Muslims are 8.1 percentage points more likely to believe that farmer-herder conflicts
have “decreased a lot” and 13.1 percentage points less likely to believe that they have “increased a

2

lot
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A2.  Religion and perceived government effectiveness
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Figure A2.1: Religion and perceived government effectiveness (Pooled data, Rounds 7 &
8)

Note: The figure shows the religious distribution of respondents’ responses to a question asking them to
assess the Nigerian government’s effectiveness in resolving intercommunal conflicts. The horizontal axis
shows the number of Muslim and Christian respondents who were asked the question, as well as the number
of respondents living in Local Government Areas (LGAs) with predominantly Muslim and Christian
populations—based on religious infrastructure (i.e., mosques and churches). The vertical axis shows the
percentage of respondents associated with the various response categories. The figure is based on pooled
data from Rounds 7 and 8 of the Afrobarometer surveys, conducted in 2017 and 2020, respectively.

The Afrobarometer questionnaire also includes a question asking respondents to assess the
Nigerian government’s efforts to resolve intercommunal conflicts across the country. Specifically,
they were asked, “How well or badly would you say the current government is handling the

following matters, or haven’t you heard enough to say? Preventing or resolving violent conflicts
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between communities.” Responses were recorded on a four-point ordinal scale ranging from “1 =
very badly” to “4 = very well.”*

Figure A2.1 plots the responses on a stacked bar chart. The first bar chart indicates that
57% of Nigerians believe the Nigerian government has either performed “fairly badly” or “very
badly” at resolving intercommunal conflicts across the country. Disaggregating the data by religious
affiliation shows that 48% of Muslims believe the government has performed either “fairly badly”
or “very badly,” while 65% of Christians hold this belief. Disaggregating the data based on the
religious composition of the population in the area where respondents live reveals a similar pattern:
45% of individuals living in predominantly Muslim areas believe the Nigerian government has
performed either “fairly badly” or “very badly,” while 64% of individuals in predominantly
Christian areas hold this belief.

I estimated regression models to determine the correlation between religion and perceived
state capacity. Table A2.1 reports the results. In Model 1, where I consider only the measure of
Muslim predominance derived from religious infrastructure, the variable has a positive coefficient
that is statistically significant at the 1% level. This indicates that individuals living in predominantly
Muslim areas are more likely than those Christian-majority areas to assess the Nigerian
government’s conflict resolution efforts positively. This finding is robust to the inclusion of control
variables (Model 2). Among the control variables, only the poverty index and educational level are
statistically significant. The negative coefficient accompanying the poverty index suggests that
poorer individuals are less likely to assess the government’s conflict resolution efforts positively.
Similarly, higher education levels are associated with a lower likelihood of assessing the
government’s efforts favorably. Although exposure to pastoral conflict is not statistically
significant, it has a p-value of 0.12, which is at the margin of statistical significance. If the negative
coefficient were to be interpreted at face value, then it suggests that greater exposure to pastoral
conflicts is associated with a lower likelihood of assessing the Nigerian government’s conflict
resolution efforts positively.

The results in models 1 and 2 are robust to the use of an alternative measure of Muslim.
predominance derived from the DHS data (Models 3 and 4). In Model 5, where I consider only
Muslim affiliation, the variable has a positive coefficient and is significant at the 1% level. This
suggests that, compared to Christians, Muslims are more likely to assess the Nigerian government’s
conflict resolution efforts favorably. Model 6 shows that this finding is robust to the inclusion of

control variables. Notably, in this model, exposure to pastoral conflicts becomes statistically

21 The number of observations in the descriptive and regression analyses is greater than that in Section Al.
This difference arises because the main question on perceived state capacity was not preceded by a filter
question asking respondents whether they were aware of farmer-herder conflicts.
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significant at the 5% level. The variable’s negative coefficient indicates a negative correlation

between conflict exposure and perceived state capacity.

Table A2.1: Ordered logit models regressing perceived government effectiveness on religion
(Pooled data, Rounds 7 & 8)

Resolve conflict® ) ) 3) C)) (6)) ©)
Dominant Muslim (Infrastructure) ~ 0.921%%* 0.857#**
(0.071) (0.083)
Dominant Muslim (DHS) 0.894#k¢ 0.819%¢*
(0.068) (0.075)
Muslim affiliation 0.897FFF  (.827#k*
(0.067) (0.077)
News index 0.008 0.007 0.008
(0.008) (0.008) (0.008)
Lived poverty index -0.035%k* -0.034+%¢ -0.032%k*
(0.009) (0.008) (0.008)
Educational level -0.048** -0.053#** -0.044**
(0.021) (0.02) (0.02)
Male (Reference: Female) 0.093 0.104 0.076
(0.072) (0.069) (0.069)
Age -0.003 -0.003 -0.002
(0.003) (0.003) (0.003)
Pastoral conflict (30 4m) -0.003 -0.003 -0.005%*
(0.002) (0.002) (0.002)
Intercept 1 -0.945%k¢ -1.397 k¢ -0.9%+* -1.344pk% -0.878%kk  1.265%FF
(0.062) (0.162) (0.00) (0.155) (0.00) (0.158)
Intercept 2 0.193#k -0.233 0.242%k¢ -0.181 0.277%*  -0.092
(0.00) (0.161) (0.059) (0.153) (0.059) (0.150)
Intercept 3 2.64%+* 2,220k 2.662%F¢ 2,258k 272700 37k
(0.088) (0.173) (0.085) (0.164) (0.080) (0.168)
Year fixed effects Yes Yes Yes Yes Yes Yes
Obsetrvations 2874 2807 3088 3011 3127 3042
Pseudo R? 0.047 0.052 0.045 0.05 0.044 0.048
Log pseudolikelihood -3467.954 -3373.147 -3735.511  -3626.445  -3776.109 -3659.879
AIC statistic 6945.909 6768.293 7481.022  7274.889 7562217  7341.758
BIC statistic 6975.726 6833.632 7511.198 7341 7592.456  7407.981

Note: Robust standard etrors are in parentheses, *** p<0.01, ** p<0.05, * p<0.10. ®@ denotes the dependent variable, measured
on a scale with four ordinal categories. All models are estimated using ordered logit regressions (Ologit) and pooled data from
Rounds 7 and 8 of the Afrobarometer surveys, conducted in 2017 and 2020, respectively. All models include fixed effects for

the survey year. AIC = Akaike information criterion; BIC = Bayesian information criterion.

Notably, the results reported in Table A2.1 hold even when I disaggregate the data by
survey round (year) and estimate models using the respective subsamples. These results have not
been reported here. The higher level of confidence in the Nigerian government’s conflict resolution
efforts found among Muslims might be because they generally have lower exposure to pastoral
conflicts than Christians, as illustrated in Tables 5 and 6 in the main paper. It could also be
attributed to the fact that the Nigerian president during the period when the two surveys were
conducted (President Muhammadu Buhari), was a Muslim and belonged to the Fulani ethnic

group.” Muslims might have assessed his performance more favorably due to their shared religious

22 Muhammadu Buhari was Nigeria’s president from May 2015 to May 2023.
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affiliation. This explanation is especially plausible in the Nigerian context, where voting patterns

often align with religious affiliations (Ostien 2012).

Panel A: Dominant Muslim (Infrastructure) Panel B: Muslim affiliation
[QV [V

Predicted probability
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Figure A2.2: Predicted probabilities showing the association between religion and
perceived government effectiveness (Pooled data, Rounds 7 & 8)

Note: Panel A, based on Model 1 in Table A2.1, visualizes the association between the predominance of
Muslims in an area and different categories of the outcome variable which measures respondents’
assessment of the Nigerian government’s effort to resolve intercommunal conflicts. The measure for
Muslim predominance in an area is derived from a count of the religious infrastructure (i.e., churches and
mosques) in the local government areas (LG As) where respondents reside. Panel B visualizes the association
between Muslim affiliation and each category of the dependent variable. Confidence intervals are set at the
95% level. The figure is based on pooled data from Rounds 7 and 8 of the Afrobarometer surveys,
conducted in 2017 and 2020, respectively.

To illustrate the magnitude of the correlations reported in Table A2.1, I plotted the
predicted probabilities of the baseline models (i.e., Models 1 and 5) in Figure A2.2. I did not plot
the predicted probabilities for Model 3 because they are identical to those from Model 1. Panel A
shows that, compared to individuals living in areas with predominantly Christian populations, those
living in predominantly Muslim areas are 6 percentage points more likely to agree that the Nigerian
government has performed “very well” in its efforts to resolve intercommunal conflicts, and 18
percentage points less likely to believe that the government has performed “very badly.” Likewise,

Muslims are 5.5 percentage points more likely than Christians to agree that the Nigerian
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government has performed “very well” in its conflict resolution efforts, and 18 percentage points

less likely to believe that the government has performed “very badly.”

A3. Religion and trust in members of the Fulani ethnic group

In the theoretical section of the paper, intergroup trust was proposed as a plausible explanation for
why Muslims might be less concerned about farmer-herder conflicts than Christians. Specifically,
I argued that the common religion of Islam, shared by nomadic Fulani herders and Muslim
sedentary communities, increases the likelihood of trust being established between members of
both groups, thereby reducing the likelihood of disputes over land and water resources escalating
into violence. This explanation is especially plausible because farmer-herder conflicts often begin
at the individual level—that is, between an individual farmer and herder—before escalating to the
broader communal level.

To test this, I rely on novel survey data collected in Nigeria as part of the Transnational
Perspectives on Migration and Integration (TRANSMIT) research project in 2021.* Information
about respondents’ religious affiliation, the local government area in which they reside, and the
extent to which they trust people of Fulani ethnicity was collected during the survey, which allows
me to examine the correlation between religion and trust in the Fulani. Data were collected from
the states of Kaduna and Edo, located in Nigeria’s northern and southern regions, respectively.
Pooling the data across both states (regions) approximates Nigeria’s population, as it includes
respondents from diverse regions. A total of 1,353 respondents were interviewed in Kaduna, and
1,638 in Edo.” There were 54 individuals in the sample who belonged to the Fulani ethnic group,
all of whom were Muslim. This aligns with my earlier argument in the introduction that the Fulani
are typically Muslim.

The responses to the question probing how much respondents trust members of the Fulani
ethnic group were measured on a scale with five ordinal categories ranging from “do not trust at
all” to “trust completely.”* Because herders are typically Fulani, the actions of a few violent herders
may have caused a contagion effect, shaping how the larger Fulani ethnic group is perceived (Tuki

2023).* The TRANSMIT sutvey instrument also included an open-ended question asking

23 Section B below discusses the sampling strategy employed during the TRANSMIT survey. For more
information on the project visit: https://www.projekte.hu-berlin.de/en/transmit

24 The state of Edo has a predominantly Christian population and a small Muslim minority. Among the
subsample of respondents from Edo, Christians and Muslims were represented in a ratio of 89:11. Among
the subsample of respondents from Kaduna, Muslims were slightly more numerous than Christians, with
the groups represented in a ratio of 56:44

25 Table A3.2 presents the summary statistics for the variables derived from the TRANSMIT dataset.

26 Not all members of the Fulani ethnic group are engaged in nomadic pastoralism.
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respondents about the main cause of farmer-herder conflicts. An examination of the responses
revealed that most respondents attributed the conflict to cattle straying into farmlands and
destroying crops. This invariably ascribes blame to herders, as land is immobile while livestock is

not.

Total (n = 2,659)

Christians (n = 1,760)

Muslims (n = 868)

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

B Do not trust at all EIDo not trust very much & Neither trust nor distrust B Trust somewhat BTrut completely

Figure A3.1: Religious distribution of trust in members of the Fulani ethnic group

Note: The figure shows the religious distribution of trust in members of the Fulani ethnic group among
the population in the states of Kaduna and Edo, located in Nigeria’s Northern and Southern regions,
respectively. The vertical axis shows the total number of respondents, as well as those who identify as
Muslim and Christian. The horizontal axis shows the percentage of respondents corresponding to the
different response categories.

As shown in Figure A3.1, 30% of the population trust members of the Fulani ethnic group
either “somewhat” or “completely.” However, disaggregating the data based on religious affiliation
shows that Muslims have more trust in the Fulani than Christians: 58% of Muslims either
“somewhat” or “completely” trust members of the Fulani, while the estimate for Christians is only
17%. These descriptive results lend support to the argument that a shared religion fosters trust.
This is congruent with the argument put forth by Eke (2020) that the subjective perceptions of
sedentary communities toward nomadic Fulani herders are crucial in understanding the conditions
under which farmer-herder conflicts occur.

Moving beyond the descriptive results, I estimate bivariate models where I regress trust in
the Fulani on the predominance of Muslims in an area and Muslim affiliation. Table A3.1 presents
the results. In Model 1, where I consider the measure of Muslim predominance derived from
religious infrastructure, the variable has a positive coefficient and is statistically significant at the
1% level. This indicates that compared to individuals living in predominantly Christian areas, those
living in Muslim-majority areas are more likely to trust the Fulani. This finding holds when using
an alternative measure of Muslim predominance derived from the DHS data (Model 2). In Model
3 where, I consider Muslim affiliation, the variable also has a positive coefficient that is significant
at the 1% level. This suggests that compared to Christians, Muslims are more likely to trust the

Fulani.

64



Table A3.1: Ordered logit models regressing trust in members of the Fulani ethnic group on

religion
Trust Fulani® (6)) 2) 3
Dominant Muslim (Infrastructure) 1,127 %%
(0.087)
Dominant Muslim (DHS) 1.772%%%
(0.082)
Muslim affiliation 1.855%%*
(0.083)
Intercept 1 0.316%+* 0.693%k* 0.731%%%
(0.049) (0.049) (0.05)
Intercept 2 0.829#k 1.251 %% 1.296%**
(0.052) (0.054) (0.055)
Intercept 3 1.039%* 1.505%%* 1.555%+*
(0.053) (0.050) (0.050)
Intercept 4 2.2%%k 2.742%k% 2.8713#kx
(0.069) (0.076) (0.075)
Observations 2294 2659 2634
Pseudo R? 0.028 0.071 0.078
Log pseudolikelihood -2981.737 -3191.361 -3145.921
AIC statistic 5973.473 6392.722 6301.842
BIC statistic 6002.163 6422.15 6331.223

Note: Robust standard errors are in parentheses, *** p<0.01, ** p<0.05, * p<0.10. @ is the dependent variable, measured
on a scale with five ordinal categories. The model is estimated using ordered logit regression (Ologit). The models are
based on data collected from the Nigerian states of Kaduna and Edo in 2021 as part of the Transnational Perspectives on
Migration and Integration (TRANSMIT) research project. AIC = Akaike information criterion; BIC = Bayesian

information criterion.

To illustrate the correlations reported in Table A3.1, I plotted the predicted probabilities
for Models 1 and 3 in Figure A3.2. I did not plot the predicted probabilities for Model 2 because
they are identical to those derived from Model 1. A glance at the figure shows that the correlation
between religion and trust in the Fulani is largest in the “do not trust at all” response category.
Panel A shows that, compared to individuals living in areas where the population is predominantly
Christian, those living in predominantly Muslim areas are 26 percentage points less likely to choose
the “do not trust at all” response category when asked how much they trust the Fulani, and 13
percentage points more likely to choose the “trust completely” response category. Likewise,
compared to Christians, Muslims are 39 percentage points less likely to choose the “do not trust at

all” response category when asked how much they trust the Fulani, and 19 percentage points more

likely to choose the “trust completely” category.
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Panel A: Dominant muslim (Infrastructure) Panel B: Muslim affiliation
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Figure A3.2: Predicted probabilities showing the association between religious affiliation
and trust in members of the Fulani ethnic group

Note: Panel A, based on Model 1 in Table A3.1, visualizes the association between the predominance of
Muslims in an area and each category of the dependent variable, which measures the degree to which
respondents trust members of the Fulani ethnic group. Panel B, based on Model 3 in Table A3.1, illustrates
the association between Muslim affiliation and each category of the dependent variable. Confidence intervals
are set at the 95% level. The figure is based on survey data collected in 2021 from the Nigerian states of
Kaduna and Edo as part of the Transnational Perspectives on Migration and Integration (TRANSMIT)
research project.
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Section B

Sampling strategy for the TRANSMIT dataset
As part of the Transnational Perspectives on Migration and Integration (TRANSMIT) research
project, the WZB Berlin Social Science Center, Germany, conducted a survey in the states of Edo
and Kaduna in 2021, which are in Nigeria’s Southern and Northern regions, respectively.” In total,
1,353 respondents were interviewed in Kaduna and 1,638 in Edo. To select the interview locations,
multi-stage clustered random sampling was used. Although the sampling strategy employed in both
states was similar, it was not identical in all aspects. This is because all the local government areas
(LGAs) in Edo were accessible to enumerators for conducting interviews, but four LGAs in
Kaduna (i.e., Giwa, Birnin Gwari, Kauru, and Zangon Kataf) were unsafe for interviews because
of the high risk of intercommunal conflict. These four LGAs were excluded from the sampling
frame.

Grid cells of 5 x 5 km, which were called precincts, were developed using QGIS software.
These precincts were laid on a shapefile showing the administrative boundaries of both states. Each
precinct was comprised of smaller 0.5 x 0.5 km grid cells. Precincts were randomly drawn with
replacement, with probabilities corresponding to the population sizes within each of them. From
each of the selected precincts, smaller 0.5 x 0.5 km grid cells were randomly selected with
probabilities corresponding to the size of the population within them. The smaller grid cells were
drawn without replacement. Within each of the smaller grid cells, an average of 12 households
were interviewed. The households were selected using a random walk approach, and the
interviewee within the household was chosen using a simple random draw. Respondents were at
least 15 years old. Before minors were interviewed, consent was sought from the household head.
The minor was interviewed only if he or she also granted consent. Respondents were informed
that participation in the survey was voluntary, and they could opt out of the interview at any time.

The slight difference between the sampling strategy employed in Kaduna compared to the
one used in Edo is that the sample in Kaduna was stratified according to the population size in the
senatorial district (Each Nigerian state comprises of 3 senatorial districts). This was done to ensure
that the exclusion of the four LGAs did not skew the sample. Samples were drawn within each of
the senatorial districts in relation to their respective population shares. It is difficult to obtain recent
population estimates for Nigeria from official government sources because the last population
census was conducted in 2006. Due to this constraint, the population for both states was obtained

from the 2020 Worldpop gridded dataset (Bondarenko et al. 2020).

27 For more information on the TRANSMIT project visit: https://www.projekte.hu-betlin.de/en/transmit
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Section C

Cl.  Replicating the main regression results using a binary operationalization of concern

about farmer-herder conflicts

This section reports the results of regression models where the four categories of the dependent
variable measuring concern about farmer-herder conflicts were collapsed into two (i.e., concerned
and not concerned). The regressions were estimated using a linear probability model (LPM)—since
the dependent variable was measured binarily. I conducted this test because most respondents
reported being concerned about farmer-herder conflicts, leading to a clustering of the responses in
the “very concerned” and “somewhat concerned” response categories (see Figure 4 in the main
article). Tables C1.1, C1.2, and C1.3 replicate the results in Tables 2, 3 and 4, respectively, in the

main article.

Table C1.1: LPM models regressing concern about farmer-herder conflicts on religion (Pooled
data, Rounds 7 & 8)

Concern F-H conflict (Binary)® ) @ 3) C)) 6)) ©)
Dominant Muslim (Infrastructure) -0.008 -0.004
(0.013) (0.015)
Dominant Muslim (DHS) -0.014 -0.011
(0.013) (0.014)
Muslim affiliation -0.031%* -0.031+*
(0.013) (0.015)
News index 0.00 0.001 0.001
(0.001) (0.001) (0.001)
Lived poverty index -0.001 -0.001 -0.001
(0.002) (0.002) (0.001)
Educational level -0.001 -0.003 -0.004
(0.004) (0.004) (0.004)
Male (Reference: Female) -0.02 -0.019 -0.016
(0.014) (0.013) (0.013)
Age 0.00 0.00 -0.00
(0.001) (0.001) (0.001)
Pastoral conflict (30 £m) 0.001##* 0.001##* 0.001**
(0.00) (0.00) (0.00)
Constant 0.874%%F  (.883%FF  (.877F*  (0.892%F*  (.885%F* 0.914%*
(0.011) (0.029) (0.01) (0.029) (0.01) (0.03)
Year fixed effects Yes Yes Yes Yes Yes Yes
Observations 2470 2420 2640 2581 2672 2608
R-squared 0.001 0.003 0.001 0.003 0.003 0.004
AIC statistic 1486.638  1449.837  1590.457  1548.333  1591.019 1551.898
BIC statistic 1504.074  1501.96 1608.093  1601.036  1608.691 1604.695

Note: Robust standard errors are in parentheses, *** p<0.01, ** p<0.05, * p<0.10. @ is the dependent variable, which is
measured on a binary scale. All regressions are estimated using linear probability model (LPM). The. Models are based on pooled
data from Rounds 7 and 8 of the Afrobarometer survey, conducted in 2017 and 2020, respectively. All models include fixed
effects for the survey year. “F-H” denotes “farmer-herder.” AIC = Akaike information criterion; BIC = Bayesian
information critetion.
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Table C1.2: LPM models regressing concern about farmer-herder conflicts on religion (Round 7

data only)
Concern F-H conflict (Binary)® ) @ 3) C)) 6)) ©)
Dominant Muslim (Infrastructure) -0.071%0F  -0.076%**
(0.02) (0.023)
Dominant Muslim (DHS) -0.089%#x  _(.089**
(0.019) (0.021)
Muslim affiliation -0.063%F#x  -0.057***
(0.019) (0.022)
News index -0.001 0.001 0.001
(0.002) (0.002) (0.002)
Lived poverty index -0.004 -0.004* -0.004
(0.003) (0.002) (0.002)
Educational level -0.004 -0.007 -0.004
(0.006) (0.005) (0.006)
Male (Reference: Female) -0.058*** -0.057*** -0.058***
0.02) (0.019) (0.019)
Age 0.001 0.001 0.001
(0.001) (0.001) (0.001)
Pastoral conflict (30 &) -0.00 -0.00 -0.00
(0.001) (0.001) (0.001)
Constant 0901 (.90%*wx 0.97%¢ 0.964%+* 0.899%%% (.94 %%k
(0.012) (0.048) (0.011) (0.045) (0.011) (0.047)
Observations 1171 1154 1277 1258 1277 1254
R-squared 0.011 0.022 0.017 0.027 0.009 0.018
AIC statistic 760.512 723.705 815.922 772.789 827.024 785.787
BIC statistic 770.644 764.113 826.227 813.888 837.329 826.86

Note: Robust standard errors are in parentheses, *** p<0.01, ** p<0.05, * p<0.10. @ is the dependent variable, which is
measured on a binary scale. All regressions are estimated using linear probability model (LPM). The. Models are based on pooled
data from Rounds 7 and 8 of the Afrobarometer survey, conducted in 2017 and 2020, respectively. All models include fixed
effects for the survey year. “F-H” denotes “farmer-herder.” AIC = Akaike information ctitetion; BIC = Bayesian

information criterion.
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Table C1.3: LPM models regressing concern about farmer-herder conflicts on religion (Round 8
data only)

Concern F-H conflict (Binary)® ) @ 3) C)) 6)) ©)
Dominant Muslim (Infrastructure) 0.049%%F  0.066%*+*
(0.017) 0.02)
Dominant Muslim (DHS) 0.055%F%  0.07***
(0.017) (0.019)
Muslim affiliation -0.003 -0.004
(0.017) 0.02)
News index 0.001 0.001 0.00
(0.002) (0.002) (0.002)
Lived poverty index 0.002 0.003 0.001
(0.002) (0.002) (0.002)
Educational level 0.002 0.002 -0.003
(0.005) (0.005) (0.005)
Male (Reference: Female) 0.016 0.019 0.024
(0.019) (0.018) (0.018)
Age 0.00 -0.00 -0.001
(0.001) (0.001) (0.001)
Pastoral conflict (30 £m) 0.001##* 0.001##* 0.001##*
(0.00) (0.00) (0.00)
Constant 0.866%%F  0.809%%F  (0.86%F* 0.806%%F  (0.888*FF  (.893%**
(0.012) (0.04) (0.013) (0.041) (0.012) (0.04)
Observations 1299 1266 1363 1323 1395 1354
R-squared 0.006 0.012 0.007 0.014 0.00 0.004
AIC statistic 704.193 704.358 741.729 743.065 756.734 761.248
BIC statistic 714.532 745.507 752.164 784.566 767.215 802.934

Note: Robust standard errors are in parentheses, *** p<0.01, ** p<0.05, * p<0.10. ® is the dependent variable, which is
measured on a binary scale. All regressions are estimated using linear probability model (LPM). The. Models are based on
pooled data from Rounds 7 and 8 of the Afrobarometer survey, conducted in 2017 and 2020, respectively. All models include
fixed effects for the survey year. “F-H” denotes “farmer-herder.” AIC = Akaike information ctiterion; BIC = Bayesian
information criterion.
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C2. Replicating the main regression results using an operationalization of Muslim

predominance based on ratios

Unlike the main regression results in the paper, where a binary measure of Muslim predominance
was employed, I re-estimated the main results using two alternative measures of Muslim
predominance in an area: Ratzo of Muslims (Infrastructure) and Ratio of Muslims (DHS), both of which
range from O to 100. Ratio of Muslims (Infrastructure) was derived by dividing the share of mosques
in an LGA by the total infrastructure in the area (mosques and churches), then multiplying the ratio
by 100. Likewise, Ratio of Muslims (DHS), based on the Demographic and Health Surveys (DHS)
dataset, was derived by dividing the number of Muslims in an area by the total number of Muslims
and Christians in that area, then multiplying the ratio by 100. Tables C2.1, C2.2, and C2.3 below
replicate Models 1 to 4 in Tables 2, 3, and 4 in the main paper.

Table C2.1: Ordered logit models regressing concern about farmer-herder conflicts on an
operationalization of Muslim predominance based on ratios (Pooled data, Rounds 7 & 8)

Concern F-H conflict® ) ) 3 @)
Ratio of Muslims (Infrastructure) -0.001 -0.001
(0.001) (0.001)
Ratio of Muslims (DH.S) -0.001 0.001
(0.001) (0.001)
News index 0.015* 0.016*
(0.009) (0.009)
Lived poverty index -0.004 -0.004
(0.009) (0.009)
Educational level -0.025 -0.018
(0.022) (0.022)
Male (Reference: Female) -0.08 -0.093
(0.081) (0.081)
Age 0.009** 0.01#F*
(0.003) (0.003)
Pastoral conflict (30 47) 0.008** 0.008%**
(0.003) (0.003)
Intercept 1 -3.01%0F -2.718%0¢ -2.991 %% -2.611%0¢
(0.114) (0.211) (0.112) (0.205)
Intercept 2 -1.878%%* -1.596%** -1.857%%¢ -1.488%+x*
(0.083) (0.190) (0.08) (0.19)
Intercept 3 -0.38%#* -0.093 -0.351%%¢ 0.026
(0.072) (0.196) (0.069) (0.19)
Year fixed effects Yes Yes Yes Yes
Observations 2624 2565 2659 2600
Pseudo R? 0.004 0.007 0.003 0.007
Log pseudolikelihood -2573.169 -2502.804 -2602.822 -2531.125
AIC statistic 5156.337 5027.608 5215.643 5084.249
BIC statistic 5185.7 5091.954 5245.072 5148.745

Note: Robust standard errors are in parentheses, *** p<0.01, ** p<0.05, * p<0.10. @ is the dependent variable, measured on a
scale with four ordinal categories. All models are estimated using ordered logit regression (Ologit) and pooled data from the
Rounds 7 and 8 Afrobarometer surveys, conducted in 2017 and 2020, respectively. All models include fixed effects for the
survey year. “F-H” denotes “farmer-herder.” AIC = Akaike information critetion; BIC = Bayesian information
criterion.
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Table C2.2: Ordered logit models regressing concern about farmer-herder conflicts on an
operationalization of Muslim predominance based on ratios (Round 7 data only)

Concern F-H conflict® )] ) 3) “
Ratio of Muslims (Infrastructure) -0.004#+* -0.004**
(0.002) (0.002)
Ratio of Muslims (DHS) -0.005%+* -0.004**
(0.001) (0.002)
News index 0.001 -0.001
(0.013) (0.013)
Lived poverty index -0.036++* -0.039%¢*
(0.014) (0.014)
Educational level -0.004 0.00
(0.032) (0.032)
Male (Reference: Female) -0.4171%%% -0.409++x
(0.115) (0.114)
Age 0.012%%* 0.013%k*
(0.005) (0.005)
Pastoral conflict (30 47) 0.009 0.009
(0.007) (0.007)
Intercept 1 -3.137%k% 23,133+ -3.196%+* -3.165%+%
(0.149) (0.311) (0.147) (0.303)
Intercept 2 -2.087+%x -2.091%%% -2.139%%x -2.118%%%
(0.107) (0.293) (0.103) (0.285)
Intercept 3 -0.497++% -0.465 -0.531 %% -0.473%
(0.089) (0.291) (0.080) (0.284)
Observations 1242 1223 1277 1258
Pseudo R? 0.003 0.014 0.004 0.015
Log pseudolikelihood -1279.106 -1236.116 -1306.196 -1262.523
AIC statistic 2566.211 2492.232 2620.391 2545.046
BIC statistic 2586.709 2543.323 2641 2596.419

Note: Robust standard errors are in parentheses, *** p<0.01, ** p<0.05, * p<0.10. @ is the dependent variable which
is measured on a scale with four ordinal categories. All models are estimated using ordered logit (Ologit) regression and
data from the Round 7 Afrobarometer survey conducted in 2017. “F-H” denotes “farmer-herder.” AIC = Akaike
information criterion; BIC = Bayesian information criterion.

72



Table C2.3: Ordered logit models regressing concern about farmer-herder conflicts on an
operationalization of Muslim predominance based on ratios (Round 8 data only)

Concern F-H conflict® ) ) 3 )]
Ratio of Muslims (Infrastructure) 0.002 0.004**
(0.002) (0.002)
Ratio of Muslims (DHS) 0.004+** 0.006***
(0.001) (0.002)
News index 0.027** 0.028**
(0.012) (0.012)
Lived poverty index 0.026** 0.032%*
(0.013) (0.013)
Educational level -0.046 -0.031
(0.031) (0.031)
Male (Reference: Female) 0.252** 0.241**
(0.110) (0.117)
Age 0.008 0.009*
(0.005) (0.005)
Pastoral conflict (30 47) 0.009** 0.009%#*
(0.003) (0.004)
Intercept 1 -3.209%%* -2.46%0F -3 11k -2.19%8%
(0.163) (0.302) (0.162) (0.295)
Intercept 2 -1.98%%* -1.239%%¢ -1.88%#* -0.966%*+*
(0.112) (0.28) (0.11) (0.271)
Intercept 3 -0.572%%¢ 0.173 -0.468*** 0.454*
(0.09) (0.278) (0.087) (0.269)
Observations 1382 1342 1382 1342
Pseudo R? 0.00 0.01 0.003 0.014
Log pseudolikelihood -1288.368 -1244.613 -1285.499 -1239.58
AIC statistic 2584.735 2509.226 2578.998 2499.16
BIC statistic 2605.66 2561.245 2599.923 2551.179

Note: Robust standard errors are in parentheses, *** p<0.01, ** p<0.05, * p<0.10. @ is the dependent variable, measured on a
scale with four ordinal categories. All models are estimated using ordered logit regressions (Ologit) and are based on data from
the Round 8 Afrobarometer survey conducted in 2020. “F-H” denotes “farmer-herder.” AIC = Akaike information
criterion; BIC = Bayesian information criterion.
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C3.  Replicating the LGA analysis in Table 5 while including control variables

The results presented in Table C3.1 replicate the bivariate models reported in Table 5 in the main
article, except that control variables for literacy rate and poverty were included in the regression
models. These control variables are discussed in detail below, and the regression results presented

subsequently.

Prevalence of stunting. This variable, which proxies the level of poverty, measures the percentage
of children under the age of 5 living in the local government area (LGA) who were identified as
stunted in 2013 (Bosco et al. 2017). Using QGIS software and shapefiles for Nigeria’s LGA
administrative boundaries, I computed the prevalence of stunting for males and females across
Nigeria’s 774 LGAs, and then took the average. This was necessary because the dataset measuring

this attribute is gendered. Suffice it to add that the raw dataset is in gtidded format.”

Literacy rate. This measures the number of men and women aged between 15 and 49 years across
Nigeria’s 774 LGAs who were literate in 2013. Because the raw data is also in gridded format and
gendered, I used QGIS software to compute the literacy rate for males and females across the
LGAs, and then took the average.”

Table C3.1: OLS models regressing the incidence and intensity of pastoral conflicts on the

predominance of Muslims in an area (LGA analysis) [Including control variables]
Dependent variables:

Pastoral conflicts (LGA) Sum of fatalities (LGA)
@) @ Q) Q)
Dominant Muslim (infrastructure) — -8.772%¥* -59.914xkx
(1.632) (10.430)
Dominant Muslim (DHS) -0.794#k% -45.654x**
(1.522) (10.105)
Literacy rate -0.054 -0.048 -0.068 -0.029
(0.037) (0.035) (0.299) (0.278)
Prevalence of stunting 0.145%* 0.105 1.725%* 1.445%*
0.071) (0.069) (0.654) (0.624)
Constant 5.121 5.67 -8.546 -5.076
(4.156) (4.04) (33.711) (31.838)
Observations 715 767 715 767
R-squared 0.064 0.047 0.058 0.043
AIC statistic 5356.998 5711.234 8294.269 8859.072
BIC statistic 5375.287 5729.804 8312.558 8877.642

Note: Robust standard errors are in parentheses, *** p<0.01, ** p<0.05, * p<0.10. All variables are computed at the
local government area (LGA) (i.e., municipality) level. All the models are estimated using ordinaty least squares (OLS)
regression. AIC = Akaike information critetion; BIC = Bayesian information criterion.

28 'T'o access the prevalence of stunting dataset visit: https://hub.wotldpop.otg/geodata/summaryrid=1268
29 To access the literacy rate dataset visit: https://hub.wotldpop.otg/geodata/summaryrid=1266
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Section D

This section presents the summary statistics of the variables used to conduct the additional analyses reported
in this appendix and visualizes the distribution of pastoral conflicts across Nigeria’s 36 states between two

periods—1997 to 2009, and from 2010 to 2023.

Table D1.1: Descriptive statistics 2

Variable Total Mean Standard Minimum Maximum
observations deviation
F-H conflict decreased® 2624 2.012 1.295 0 4
Resolve conflict® 3143 2.183 0.962 1 4
Pastoral conflicts (1.G.A)® 774 3.637 10.172 0 132
Sum of fatalities (LGA)‘D 774 20.946 78.992 0 920
Prevalence of st_untingq’ 774 33.734 14.536 10.217 62.693
Literacy rate® 774 50.979 30.217 0.173 98.366
Trust Fulani® 2659 1.242 1.541 0 4
Muslim affiliation® 2804 0.319 0.466 0 1
Dominant Muslim (Infrastructure) 2588 0.318 0.466 0 1
Dominant Muslim (DHS)° 2991 0.311 0.463 0 1

Note: “F-H” denotes “farmer-herder.” Variables associated with the symbol € ate based on the Afrobarometer sutvey
dataset and summarize the dependent variables used to estimate the models in Tables Al.1 and A2.1. Variables with
the symbol @ are based on objective data computed at the local government area (LGA) (i.e., municipality) level and
summarize the dependent variables used to estimate the models reported in Table 5 of the main article, and Table
C3.1 in the appendix. Variables accompanied by the symbol ¢ are based on the Transnational Perspectives on
Migration and Integration (TRANSMIT) survey dataset and summarize the variables used to estimate the models
reported in Table A3.1.
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Figure D1.1: Geolocations of incidents involving nomadic Fulani pastoralists between
different time periods

Note: Panel A shows the geolocations of pastoral conflicts that occurred from 1997 to 2009 (n = 78), rendered
over a map indicating the states that constitute Nigeria’s three major regions (i.e., Northern, Southern, and
Eastern Regions). Panel B is similar to Panel A, except that it visualizes pastoral conflicts that occurred from
2010 to 2023 (n = 2,731). The shapefiles containing Nigeria’s administrative boundaries were developed by the
United Nations Office for the Coordination of Humanitarian Affairs (UNOCHA). The figure is based on data
from the Armed Conflict Location and Events Data Project (ACLED).
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Figure D1.2: Spatial distribution of incidents involving Boko Haram and nomadic Fulani
pastoralists (1997-2022).

Note: The figure shows the administrative boundaries of the states that constitute Nigeria’s Northern and
Southern Regions. The red dots show the geolocations of conflicts where at least one of the actors is identified
as Boko Haram. The blue dots show the geolocations of conflicts where at least one of the actors is identified as a
“Pastoralist” or belongs to the “Fulani” ethnic group. Actors defined as pastoralists in the ACLED dataset are
typically “Fulani,” which makes the two terms similar. Although Northern Nigeria has a predominantly Muslim
population, there are a few states there like Benue and Plateau, where the population is predominantly Christian
and Muslims constitute a small minority. These two states, which were not captured by the Muslim jihadists in
the early 19t century, have the highest incidence of conflicts involving nomadic Fulani pastoralists. The shapefiles
containing Nigeria’s administrative boundaries was developed by United Nations Office for the Coordination of
Humanitarian Affairs (UNOCHA). The figure and notes are adapted from Tuki (2025).
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